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Summary

This impact evaluation investigates whether strengthening the link between local taxation
and urban services can revitalize the social compact between citizen and state. A
significant challenge to the provision of local public services in developing economies is
the inability to raise adequate resources, especially through local taxation. In many
countries, the social compact, whereby citizens agree to pay taxes to fund their desired
services, is broken. A low willingness to pay taxes leads to low revenue collection, and
prevents adequate service provision, which in turn reduces willingness to pay and can
even lead to citizen disengagement from the state. We investigate whether strengthening
the link between local collections and urban services can increase citizens’ willingness to
pay for services, improve service delivery, and enhance local politics. We test this in
major urban centers in Punjab, Pakistan via several interventions - including eliciting
citizen preferences for specific services when taxes are collected, earmarking revenue
for specific services, and enabling local politicians - that credibly strengthen the link
between tax collection and urban service provision. This paper presents the
experimental design and reports first year impacts on tax payments. On the positive side
we find that the project succeeded in eliciting citizen preferences and delivering services
against them, thereby changing the relationship between tax collectors and citizens.
However, we find that despite successful delivery of services and finding (small)
treatment effects on being in an intervention, citizens for the most part are unaware of
being in a special scheme or of having received greater local goods. Not surprisingly, we
therefore find muted effects on attitudes towards the state or increased tax payments.
Given these results, we intend to also focus on raising awareness in the ongoing round
of service delivery so that we can examine whether doing so will lead to improved
attitudes towards to state and greater tax payment.
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1. Introduction

The social compact between citizen and state - whereby a citizen pays taxes and receives
public goods and services - is a critical link in the development process. This link is especially
salient in the context of local governments, and a significant metric by which they are judged.
However, if citizens perceive little benefit from their tax payments, or if local services are
disconnected from local decision-making, the link between citizen and state can be broken.
This can create a vicious cycle where citizens do not receive high quality services because
resources are limited by low levels of local tax revenue. In turn, the low quality of services
leads to a low willingness to pay taxes, and a broader lack of trust in the state.

Though policymakers in developing countries regularly express concern regarding the
suboptimal equilibrium of low revenue generation and low public good provision, few
studies have examined whether strengthening the link between taxation and service
provision can increase citizens' willingness to pay taxes. Simply informing citizens of the
tax-benefit link does not seem to increase compliance (Blumenthal, Christian, and
Slemrod 2001; Castro and Scartascini 2015). Laboratory experiments show that eliciting
and promising to follow taxpayer preferences on government spending, on the other
hand, can increase tax compliance (Alm, Jackson, and McKee 1993; Lamberton, De
Neve, and Norton 2014). Other studies have found correlations between survey results
on tax morale and service provision (OECD 2013), or have linked ex-post tax compliance
to public service provision (Gonzalez-Navarro and Quintana-Domeque 2014). But there is
still little evidence of the link between taxes paid and services delivered in the real world.

This impact evaluation provides what is to the best of our knowledge the first
experimental evidence on this question. We partner with the Punjab, Pakistan provincial
government to implement a series of interventions that strengthen the link between
property taxes and local services in several ways - from simply eliciting taxpayers'
preferences over local services, to earmarking a portion of tax revenues to be allocated
to taxpayers' neighbourhoods, to earmarking a portion of tax revenues to be allocated to
taxpayers' neighbourhoods according to their preferences. To the extent that citizens are
reminded of the link between taxes and services or perceive public goods to more
accurately reflect their preferences, they may experience a higher disutility from tax
evasion, and tax compliance may increase. If so, these interventions could be a powerful
policy reform and have positive implications over and above those on tax compliance by
positively impacting citizens' views on and relationship with the state.

We implement the interventions in a large-scale randomized controlled trial in Lahore
and Faisalabad, the two largest cities in Punjab. We first construct a sample of 500
neighbourhoods, comprising of 100 to 400 contiguous taxable properties. Each
neighbourhood is assigned to one of three interventions for two rounds: Local Allocation,
Voice, Voice-based Local Allocation, or Control. In Local Allocation neighbourhoods, the
local government commits to allocating a portion (35%) of property tax collected from a
neighbourhood to service provision in that same neighbourhood. In the status quo,
revenue is collected from larger administrative tax units and distributed at the city-level
for services - so citizens currently have no sense of how much of their taxes, if any, is
spent on services within their locality, let alone how these services are chosen, or
whether these services are the ones they desire. The Local Allocation intervention
strengthens the geographic link between taxes paid and services provided.



In Voice neighbourhoods, citizens are asked to provide preferences on the types of local
goods and services should be prioritized in their neighbourhood. Currently there is no
explicit process, aside from constituency politics, through which citizens can express
their preferences on what spending should occur in their neighbourhood. In the
framework of the 2004 World Development Report, this approach -- influencing policy
through elections -- is known as the ““long route" to accountability. While it can be
effective for broad policies, more direct approaches - known as the ““short route" - can
be more effective for building links between citizens and government. Evidence from
other contexts suggests that allowing more direct participation in this process -- i.e.
“short route" approaches -- can increase the perceived legitimacy of political decisions
(Olken 2010). Citizen preferences in each Voice neighbourhood are aggregated and
shared with the local government in an attempt to improve the allocation of services. The
intervention tests whether increasing citizen voice in the decision making process affects
the type and quality of local public goods provided and, in turn, increases citizen
willingness to pay for these services through greater tax compliance and tax morale.

The Voice-based Local Allocation intervention combines preference elicitation and local
allocation. Though more than 70% of local property taxes are designated for local goods
and services in the status quo, simply eliciting preferences and providing them to the
local government may not be sufficient to change taxpayer beliefs and attitudes if trust in
the system is low. Similarly, simply earmarking funds for local allocation may be
insufficient to change taxpayer behaviour, as taxpayers may be uninformed about these
efforts. In Voice-based Local Allocation neighbourhoods, the local government allocates
35% of property tax revenue they receive to the specific goods and services requested
by taxpayers. Citizens are informed of this earmarking, and the resultant service
expenditures are indeed carried out in their locality.

Since local politicians can play a critical role in building (or hindering) citizen trust, and in
monitoring the provision of local services, we also examine how local politicians can
facilitate the tax-service linkage and how that in turn affects citizens' attitudes towards
the state and politics. We cross-randomize intervention neighbourhoods into a Local
Leader treatment, in which we assign a local politician to coordinate taxpayer
mobilization efforts in his constituency. These mobilization efforts aim to increase
awareness of the scheme, encourage taxpayers to submit tax payments punctually and
accurately, and remind taxpayers of the link (established by the scheme) between taxes
paid and services delivered.

We evaluate the impact of these interventions by comparing outcomes in intervention
neighbourhoods to Control neighbourhoods, where taxes are collected and services are
delivered as in the status quo. We estimate impacts on a range of outcomes including
tax payments, tax morale, public goods quality, and attitudes towards the state.
Throughout the study, we collect monthly property-level tax data on tax assessments, tax
payments, and the timing of tax payments. We supplement this data with baseline and
endline surveys of a representative sample of properties in our sample, collecting
detailed data on tax morale, perceptions of service quality, voting behaviour, and
engagement with the state. To gain an objective measure of public goods provision, we
measure the extent and quality of street lighting, roads, sanitation, and water in our
neighbourhoods before and after the interventions.



We have completed the interventions in all neighbourhoods, and are in the process of
delivering a second round of services. On the positive side we find that the project
succeeded in eliciting citizen preferences and delivering services against them, thereby
changing the relationship between tax collectors and citizens. However, we find that
despite successful delivery of services and finding (small) treatment effects on being in
an intervention, citizens for the most part are unaware of being in a special scheme or of
having received greater local goods. Not surprisingly, we therefore find muted effects on
attitudes towards the state or tax payments. Given these results, we intend to also focus
on raising awareness as we implement the second round of services so that we can
examine whether doing so will lead to improved attitudes towards to state and greater
tax payment.

2. Intervention

2.1 Description

2.1.1 Empirical Setting

The study takes place in Lahore and Faisalabad, the two most populous cities in Punjab
with populations of 18 and 4 million, respectively. Like many developing countries,
Pakistan has experienced a wave of urbanization over the last few decades with nearly
40% of the population currently residing in cities. Social and urban services, however,
have not kept pace. Even compared to other countries in the region, Pakistan is an
outlier in public goods quality (ADB 2014).

Part of the reason for low public goods quality is insufficient finances. Public goods are
financed by the Punjab Urban Immovable Property Tax (UIPT)", but revenue from this tax
is abysmally low. This property tax accounts for only one tenth of one percent of Punjab's
GDP, which is roughly a fifth of the level of countries comparable to Pakistan (Nabi 2011).
Many problems contribute to Punjab's low property tax revenue, including a narrow tax
base, tax rates that do not reflect properties' true market value, tax evasion, corruption
and poorly incentivized tax collectors (Khan et al. 2016). Given that local public goods
and services are financed primarily through property tax, increasing property tax revenue
would improve the government’s ability to deliver goods and services.

We work with the Punjab Excise and Taxation Department (E& &T), which collects
property tax, and the Punjab Local Government Department, which provides services.
The E&T department levies property tax based on a formula that takes into account
property and neighbourhood characteristics. These include square footage of land and
covered area, property use, occupation status, and locality quality ratings. Property tax is
collected by tax inspectors, who are responsible for determining a property's tax liability
and sending the annual tax bill to the property owner. Prior to 2016, property records
were stored manually in separate offices; after a digitization campaign in 2016, the
records are now stored in a secure online database that allows all tax inspectors to
access historical and current property records for any assessed property in six major
cities in Punjab.

' Supplemental grants from the provincial and federal governments also provide funding for public
goods.



Though a property's tax liability is formulaic, it is based on the tax inspector's
assessment of the property. This assessment is not verified by third parties, leaving
considerable discretionary power to the tax inspector in determining the final liability.
Collusion between taxpayers and tax inspectors is thought to be widespread, with tax
inspectors misreporting property characteristics (or leaving out a property from the tax
rolls entirely) to lower liabilities. Taxpayers can also evade taxes by simply paying less
than the assessed amount. The difference between the tax liability and payment is
added to an arrears account, and carried over to the subsequent fiscal year.

The Local Government Department managed local governments and oversees the
process of using property tax revenue to provide local public goods in each city. These
services include street lights, road repair, sanitation, waste removal, and water.? Though
more than 70% of property tax revenue is supposed to be allocated for local public
goods, our baseline survey shows most residents believe little if any of property tax is
ultimately used for this purpose.

Given the low quality of urban services, citizens in both Lahore and Faisalabad are
increasingly choosing to “opt-out" of the social compact entirely by relying on non-state
actors for service provision. In the last two decades, a significant proportion of the upper
middle class and elite have moved to or formed private housing societies that charge
residents fees to finance services within their neighbourhoods. Others have chosen to
remain where they are, but outsource certain services to private companies. This
process hinders voluntary compliance to pay taxes and leads to further erosion of trust in
the state. In our surveys, we measure not only citizen perceptions of service quality, but
also their reliance on state and non-state actors for service provision.

For those relying on services provided by the Local Government Department, a citizen's
first point of contact for municipal concerns is often a local politician. These local
politicians are members of Union Councils, which are formally responsible for monitoring
delivery of municipal services, maintenance of public areas, community mobilization and
dispute resolution. Because these Councils have little to no development funds of their
own, their main function is to intermediate between citizens and service providers.
Members of the Union Councils were elected in 2016 for a five-year term. While in office,
a typical Union Council politician was active in his or her neighbourhood unofficially as a
political broker, and well-known in the community.?

2.1.2 Main Interventions

Neighbourhoods were randomly allocated to one of three interventions: Local Allocation,
Voice, or Voice-based Local Allocation. In addition, we cross-randomized
neighbourhoods into Local Leader interventions, where members of the Union Councils
were encouraged to mobilize the community to enhance the tax-service link.
Randomization was stratified by income and property use (residential or commercial) to

2 In practice, sanitation and waste removal in metropolitan cities like Lahore and Faisalabad are
outsourced to separate agencies, known as the Waste Management Company. We work with
this agency directly to provide dumpsters and trash removal services in our neighbourhoods.

3 In May 2019, the incumbent government of Punjab decided to replace the structure of local
governments and dissolve existing local bodies.



allow for the estimation of impact variation across sub-groups. We implemented the
randomizations in public lotteries with representatives from the tax staff, local
government, and Union councils present. Table 1 presents the experimental design:

Table 1: Experimental Design

Local Leader
No Mobilization Mobilization

Local Allocation 50 50
Voice 50 50
Voice-based Local Allocation 75 75
Control 150 0

Notes: This table shows the number of neighborhoods assigned to
each of the three main interventions (Local Allocation, Voice, or
Voice-based Local Allocation). In each intervention group, half of
the neighborhoods were cross-randomized to receive Local Leader
mobilization.

350 neighbourhoods were assigned to one of the three main interventions, while the
remaining 150 neighbourhoods formed the control group. In each intervention group, we
randomly selected half of the neighbourhoods to also receive the Local Leader
intervention. The experiment is implemented for two rounds of preference elicitation and
service delivery to trace dynamics as citizens see how their preferences are acted upon
during the first year.

We describe each intervention in detail below:

Local Allocation: In the status quo, revenue is collected from administrative tax units
and transferred to local governments that allocate these to city-level services. However,
there is no linkage between taxes paid and services received at a lower and likely more
salient geographical unit: the neighbourhood (a contiguous set of typically 100-400
households). To strengthen the link between taxes paid and services provided, local
governments commit to allocate a portion (35%) of property tax collected from a Local
Allocation neighbourhood to that same neighbourhood.* This earmarking is large enough
to finance local services within neighbourhoods, but small enough to not create
externalities on the total budget.®

In half of the Local Allocation neighbourhoods, citizens are informed their neighbourhood
has been selected for a government scheme earmarking tax revenue for local services in
this fiscal year and the next in a door-to-door campaign from the tax authority, and
through informational flyers, shown in Figure 1. In the door-to-door campaign, the tax
authority conveyed intervention information via a smartphone app. Screenshots of the
smartphone app are provided in the appendix. We used GPS and random audio audits
to verify that each citizen was contacted, and that the tax authority explained the
intervention correctly.

4 This amount can be computed using property-level data, which the Excise & Tax Department
has now digitized.

5 Strengthening the link between taxes and services may in principle limit redistribution and lower
equity. e therefore limit the percentage of tax revenue that is earmarked for local services. We do
not consider the optimal amount of earmarking in this report; instead, we focus on whether some
earmarking can increase tax morale and tax payments.



Figure 1: Information Flyers
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Note: This figure displays color-coded flyers distributed to each property in intervention neighborhoods.
The Local Allocation scheme is in blue; the Voice scheme in orange; and the Voice-based Local Allocation
scheme in green. Each flyer conveys key components of the intervention and a logo.

In the other half of the Local Allocation neighbourhoods, tax revenue was earmarked and
services delivered — but without informing citizens beforehand in the door-to-door
campaign.®

On average, the earmarked amount (35% of neighbourhood-level property tax revenue)
corresponds to Rs. 200,000 (approximately $1,500) and is sufficient to finance a range of
services in varying quantities. We computed earmarked amounts using administrative
property tax data. The local governments could then select any service from a menu of
options so long as the costs did not exceed the budgetary constraint. Services on the
menu of options satisfy two criteria: (1) the local governments (or its subsidiaries)
provides the service; and (2) the service can be financed with 35% of the average tax
revenue of a neighbourhood.

Service delivery takes place over a four to five month period. First, engineers survey
each neighbourhood to determine the type, quantity, and location of services to be
delivered. Cost estimates are prepared to ensure services can be financed by the total
amount of funds allocated to each neighbourhood. Proposed services are submitted to
the Mayor and relevant government officials of each city for approval, after which
contracts for service delivery are tendered. Service delivery is then implemented in each
neighbourhood.

To ensure citizens are aware that services are delivered via the intervention (and not
through other government initiatives), a poster or stencil painting is placed on each
service. Each poster/stencil painting is color-coded according to the intervention (blue for
Local Allocation services; orange for Voice services, and green for Voice-based Local
Allocation services). Figure 2 shows an example of a blue logo visible on a Local
Allocation trash can.

6 In the future, we plan to analyze the role of information by comparing Local Allocation
neighbourhoods that received the door-to-door campaign to Local Allocation neighbourhoods that
did not.



Figure 2: Local Allocation Service Delivery

Note: This figure displays the blue Local Allocation logo on a trash can provided through the intervention.
Color-coded posters (specific to each intervention) are displayed on or next to all provided services.

Voice: In the Voice intervention, tax staff inform citizens their neighbourhood has been
selected for a government scheme to solicit preferences on which types of local goods
and services should be prioritized in their neighbourhood. The results of this preference
elicitation are shared with the local government in an effort to improve the allocation of

services.

To collect preferences, tax staff visit each property in a Voice neighbourhood and
provide information about the intervention via a smartphone app. The tax staff then
display a menu of services, and ask the citizen to select his or her top two choices. The
preference elicitation screen on the smartphone app is displayed in Figure 3. We
aggregate preferences by identifying the two services that are selected most often by
taxpayers in each neighbourhood. These preferences are conveyed to the local
government, who can then choose whether or not to use these preferences when
deciding spending allocations for the upcoming fiscal year. Citizens are also informed
that the results of the preference elicitation exercise have been conveyed to the
government, and the intervention will be implemented again the following fiscal year.



Figure 3: Preference Elicitation
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Note: This figure displays a screenshot of the Preference Elicitation page of the smartphone app. Citizens
are asked to select their top two preferred services from a menu of options.

Voice-based Local Allocation: This intervention implements the Local Allocation and
Voice interventions in tandem. By both eliciting citizen preferences and requiring local
governments to allocate a portion of property tax collected from a neighbourhood to that
same neighbourhood in accordance with these preferences, it seeks to make the tax-
services link even more salient and credible.

Citizen preferences are collected as in the Voice intervention. The aggregated
preferences are conveyed to the local government, but unlike in the Voice intervention,
local governments are required to implement desired preferences. We compute the
budget constraint for each neighbourhood (35% of neighbourhood-level property tax
revenue) and ask the local government to survey each neighbourhood to determine the
amounts of each preferred services that can be provided within the constraint. The
process for service delivery is the same as in the Local Allocation intervention.

Citizens are informed that the results of the preference elicitation exercise will be
implemented and the expected timeline for service delivery. Citizens are also informed
the scheme will be implemented in the following fiscal year. Figure 4 shows an
information flyer for a neighbourhood assigned to the Voice-based Local Allocation
intervention. The flyer shows that citizens in this neighbourhood selected new
trashcans/dumpsters and streetlight repair as their preferred services. The allocation
amount for these services is PKR 383,889 (approx. $3,000). Once services are
delivered, a poster or stencil-painting links the service to the intervention, as in the Local
Allocation intervention.



Figure 4: Voice-based Local Allocation Information Sheet

INFORMATION SHARING AND MONITORING SHEET

LB_Green Town NH CODE:
Im_11 201911

NISHTER TOWN

DEMAND AUR
DELIVERY

SCHEME

CITIZEN PREFERENCE 1:

New trashcans/dumpsters

CITIZEN PREFERENCE 2:
Repair of street lights

ALLOCATION AMOUNT: PKR 383,889

Note: This figure displays an information sheet informing citizens of the results of the preference elicitation
exercise and the amount that will be allocated to preferred services. Citizens in Green Town III neighborhood
selected new trashcans/dumpsters and streetlight repair as their preferred services. The allocation amount
is PKR 383,889 (approx. $3,000)

Local Leader: In order to understand whether the local political process can enhance
the impact of strengthening the tax-service link, we cross-randomize an additional
intervention that enables local politicians to directly support the effectiveness of the three
schemes. The local politicians are members of Union Councils, local government bodies
responsible for monitoring public services, dispute resolution, and for delivering certain
municipal services. They are both the closest and most accessible political actor for the
citizen, and, given their resources and knowledge, an effective intermediary between
citizens and state. Indeed these local politicians are invariably the first political point of
contact for the citizens' enabling them to better respond to the citizens' needs is
therefore likely to be a key building block in rebuilding the citizens' faith in the state.

The Local Leader intervention is cross-randomized with all three interventions: Local
Allocation, Voice, and Voice-based Local Allocation. Local politicians selected for this
intervention are allowed to intervene at different stages, depending on the treatment
status of a neighbourhood within their constituency: (1) In Voice and Voice-based Local
Allocation neighbourhoods, local politicians introduce the intervention to taxpayers during
town hall meetings; (2) In Voice and Voice-based Local Allocation neighbourhoods, local
politicians monitor tax staff as they collect taxpayer preferences; (3) In Local Allocation
and Voice-based Local Allocation neighbourhoods, these politicians monitor and
facilitate service delivery, using existing channels to pressure service providers and
assisting providers in selecting service locations; (4) finally, in Local Allocation and
Voice-based Local Allocation neighbourhoods, local politicians hold public events to
inaugurate new services and reinforce the link between taxes and services.



2.2 Theory of Change

The primary study goal is to help rebuild the link between tax payments and service
provision. The evaluation estimates the effect of the following main interventions: (1)
Local Allocation, (2) Voice, and (3) Voice-based Local Allocation. To the extent that
citizens are reminded of the link between taxes and services or perceive public goods to
reflect their preferences, they may experience a higher disutility from tax evasion,
enhancing tax compliance. If so, these interventions could be powerful policy reforms
and have positive implications over and above those on tax compliance by positively
impacting the citizen’s views and relationships with the state.

The following subsections outline the theory of change for the Local Allocation, Voice,
and Voice-based Local Allocation interventions. Since the Local Leader intervention is
cross-randomized with each of these three primary interventions, we also discuss how
enabling local politicians affects the theory of change.

Figure 5: Local Allocation Theory of Change
Local Allocation

Input Intermediate
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P Outcomes
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deliver local services in

Tax revenue is earmarked for
local service provision in each
neighborhood

Tax revenue is
allocated to and spent
on neighborhood

Local governments are
required to allocatea
portion of property tax
collected from a
neighborhood
(tentatively: 35%) to it.

Taxpayers have greater
tax morale and local

each neighborhood and governments have
taxpayers observe this

improved allocation.

more revernue for
service provision

Local governments are
mandated and able to
comply with allocation
request

Local governments have
adequate funds that can
be spent in the
neighborhood

Local governments are
willing and able to
earmark revenue for local
SErvice provision

Absence of link between
reverme collected and
services provided
prevents quality service

Weak link between
local services and tax
payments leads to low
tax morale

provision in

mepi
While local governments are supposed to receive and in turn spend around 70% of the
local taxes collected in an area towards services for that area, in practice this link is
poorly functioning. This is because these funds may not be spent in this manner due to
political interference or bureaucratic inefficiencies/malfeasance and because the area
boundaries are large enough that taxes paid in one neighbourhood may in fact be spent
more in another (perhaps more affluent/influential) neighbourhood in the same area. The
idea behind this intervention is to address such concerns by mandating that a certain
fraction (35%) of all taxes collected in a neighbourhood are spent on services in that
neighbourhood. In doing so, the expectation is that citizens now see that their tax
payments are actually helping improve the quality of services being offered to them and
that in turn raises tax morale and ultimately makes them more willing to pay taxes.” The
key assumptions here are first that mandating local governments will successfully enable
them to spend more resources locally, and that this will in turn be recognized by
taxpayers.

7 Because our sample comprises areas with a high density of property tax payers, most citizens in
the sample are assessed a property tax.
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Local leaders can reinforce critical linkages in this theory of change in two ways. First,
local leaders can monitor service providers to ensure services are high quality and
delivered in a timely manner. Taxpayers may not be willing to increase tax payments if
service quality is poor or delayed. Second, local leaders can increase taxpayer
awareness of delivered services by holding public events. If taxpayers do not observe

improvements in their neighbourhood, service delivery will have little effect.

Figure 6: Voice Theory of Change
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Voice
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. . .
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the local government
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Taxpayers express their true
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Local governments
improve the type and
quality of services
provided according to
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‘Taxpayers exhibit greater
willingness to pay
BICETHaaes

Lack of knowledge of
local preferences for
services prevents quality
service provision

Inability to express
preferences over services

Taxpayers have greater
tax morale and local
governments have
more revenue for
service provision in
subsequent fiscal years

Weak link between
preferred services and
tax payments leads to
low tax morale

inhibits taxpayer
willingness to pay
property taxes

Currently there is no explicit process, aside from constituency politics, through which
citizens can express their preferences on what spending should occur in their
neighbourhood. In the framework of the 2004 World Development Report, this approach
— influencing policy through elections — is known as the “long route” to accountability.
While this can be effective for broad policies, for building the links between citizens and
government, more direct approaches — known as the “short route” — can be more
effective. Evidence from other contexts suggests such approaches can increase the
perceived legitimacy of political decisions (Olken 2010). The Voice intervention aims to
strengthen the direct linkages between preferences for local public goods and taxation
by having tax collectors elicit taxpayers preferences for local goods. These preferences
will then be given to the local government in an attempt to improve the allocation of
services. This intervention is designed to test whether increasing citizen voice in the
decision-making process affects the type and quality of local public goods provided and,
in turn, increases citizen willingness to pay for these services through greater tax
compliance and tax morale. Two key assumptions in this regard are that citizens are
indeed able and willing to express their preferences and that the local governments are
constrained by lack of appropriate preference data when considering how to allocate
funds locally.

In Voice neighbourhoods cross-randomized with the Local Leader intervention, local
leaders can increase taxpayer awareness and monitor tax collectors as they collect
preferences, strengthening key elements of the theory of change.
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Figure 7: Voice-based Local Allocation Theory of Change
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This intervention combines the effective elements of the first two. It addresses the
concern that simply eliciting preferences and providing them to the local government
may not be sufficient to change taxpayer behaviour if trust in the system is low. Based on
preliminary fieldwork, this does seem quite likely: citizens often remain are skeptical that
their tax payments will be allocated according to their preferences. Soliciting preferences
and also requiring local governments to credibly allocate them to the specific services
requested will help rebuild this trust. Moreover, to ensure this happens, citizens will then
be informed of this earmarking on their tax invoice, and informed when the resultant
service expenditures are carried out in their locality. There are three main assumptions
underlying the causal channel from this intervention to better service provision and
greater tax morale. First, this theory of change assumes local governments are willing
and able to deliver preferred services to each neighbourhood. To ensure that local
governments are able to deliver, we collaborated with local government departments to
define a menu of services that are logistically and financially feasible. A second
assumption is that taxpayers will believe the local government will deliver services
according to their preferences. To the extent that taxpayers do not believe in the
credibility of the intervention prior to delivery of preferred services, we may not see
changes in tax morale until the second year of the intervention, when it is more likely that
taxpayers will find the promise of service delivery credible. Finally, this theory of change
assumes that taxpayers will be aware of services delivered through the intervention. If
taxpayers are unaware of service delivery, they may not update their beliefs about the
local government. We discuss this possibility in detail in Section 4. To ensure taxpayers
are informed, we plan to publicize service delivery intensely in the second round of
interventions.

As described above, the local political process may enhance this theory of change by
enabling local leaders to monitor service providers, monitor tax collectors, and increase
taxpayer awareness.
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3. Evaluation
3.1 Primary and secondary questions

The broad aim of this research is to understand if increasing voice and enhancing
allocation in local service delivery can help rebuild the link between citizens and the
state. To this end, specific research questions include:

(1) Does increasing tax-benefit linkages, by committing to increase the share of local
taxes used to deliver services within a small geographic neighbourhood, enhance
citizens’ tax morale and their willingness to pay taxes?

(2) Does giving citizens voice by eliciting preferences over service provision and
delivering those preferences to local government affect their trust in the state, the
type and quality of local public goods provided and, in turn, increase citizen
willingness to pay for those services through greater tax payment and tax
morale?

(3) Is eliciting preferences sufficient, or is it necessary to mandate that local
governments follow elicited preferences and actually deliver goods in accordance
with those preferences in order to improve trust in the state and increase tax
performance?

(4) Does mobilizing local politicians to strengthen the link between local collections
and urban services enhance citizens’ voice, enhance tax morale/payments,
improve service provision, and/or impact political attitudes and behaviour of
citizens and local politicians?

3.2 Design and methods

The empirical framework relies on the random assignment of neighbourhoods to an
intervention or control group. The basic specification for estimating the average
treatment effect at the individual property level is given by:

Y:inst = 5Trea'tm6ntnst + 'YY;O + Xinst + Qs + €ipgt

where Yinst is an outcome of interest for property i in neighbourhood n in stratum s at time
t. When possible, we include the baseline level of the outcome variable, Yio. Xinst is a set
of baseline property-level characteristics, including the log of government assessed
property worth, whether the taxpayer was identified as a defaulter at baseline, property
use (residential or commercial), occupation status (owned or rented), location (main or
off road), and valuation category (A through G). Since the randomization is stratified by
income and property use, we include stratum fixed effects, as. Standard errors are
clustered at the neighbourhood level.

To estimate the impact of separate sub-treatments, we estimate the following equation:

}/'inst - )81 VOicenst + )82Allocnst + )83V0iceAZlocnst + FYY;O + X—z’nst + Qg + €inst

Our primary outcomes of interest are tax payments (assessed tax, paid tax, timing of
payment), attitudes towards the government (including tax morale), and voter behaviour.
We also measure treatment impacts on (objective and subjective) measures of public
goods quality.
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In our analysis of administrative tax payments, we examine the impact of the treatments
for four samples: (1) the full sample of taxpayers; (2) taxpayers who did not pay in full in
the baseline year (FY2015 to 2016); (3) taxpayers who did not pay at all in the baseline
year; and (4) taxpayers who made a partial payment in the baseline year. We expect the
interventions to have the greatest impact on tax payments in the latter three groups,
where taxpayers can easily increase tax payments at their baseline assessment.®

3.3 Ethics

This study is under the primary oversight of the Institutional Review Board (IRB) at the
Massachusetts Institute of Technology (MIT). Our partner institutions (e.g. Harvard
University, CERP) have agreed to cede oversight to MIT for coordination purposes. The
relevant ethical issues are randomization and privacy.

In regards to randomization of the local allocation and voice-based local treatment, one
risk is that funds earmarked for service provision are diverted from other necessary
government operations. Although a possible concern in theory, it is unlikely to matter in
our context given that property tax revenues constitute less than 20% of city government
revenues and given that our neighbourhoods are a small fraction of the city. Moreover,
property taxes are meant to be spent on local services and there is little concern that
changing allocations will impact other government operations. Furthermore, although
supply constraints can also be a concern in theory, the view of relevant policymakers is
that this is not a practical concern in this context given that service providers are
operating well below capacity and that contracting out public services is also an option
that is increasingly being utilized in Punjab.

In regards to the collection of potentially confidential data from individuals through
property surveys and from the tax authorities through property-level tax payments,
standard protocols will be used to protect confidentiality:
1. All paper records with identifying information will be stored securely
2. The names and addresses of respondents participating in the study will be taken
out of the electronic version and replaced with anonymous identification numbers;
3. The link file that cross-references the various study identification numbers and
identifying information will be kept in a secure place
4. Access to confidential material will be highly restricted and certainly go no further
than the Principal Investigators and project staff hired to do the study
5. All project and survey staff will be required to sign Confidentiality Agreements
pledging them to honor the confidentiality of the data.

To ensure that all government stakeholders are aware of the risks of the intervention, we
asked all implementing partners (tax and local government authorities) to formally
approve the intervention prior to its inception. Moreover, taxpayers randomized into
treatment neighbourhoods are fully informed of the specifics of the intervention during
property visits.

8 Tax payments can also increase via re-assessments. This is more costly, however, since the
taxpayer would have to request a re-assessment from the tax authority.
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3.4 Sampling and data collection

3.4.1 Sample

The sample consists of 500 neighbourhoods, comprising over 100,000 taxpayers in
Lahore and Faisalabad. These neighbourhoods were identified using geo-referenced
property-level administrative data according to several key parameters. Neighbourhoods
were constructed to consist of around 100 to 400 contiguous taxable residential or
commercial properties. This size ensures each neighbourhood is small enough so that
the incentive to free-ride is not too strong, citizen preferences can be aggregated, and
the goods or services provided are utilized by most taxpayers in the neighbourhood.
However, the neighbourhood size is not so small that the goods or services cannot be
financed from local revenue. Neighbourhoods also have a high density of taxable
properties so that a large proportion of residents or shopkeepers in the neighbourhood
can potentially contribute revenue for service provision.®'® Finally, neighbourhoods are
defined to be contiguous so there is some sense of social cohesion among taxpayers.
This social cohesion may facilitate tax compliance by allowing taxpayers to encourage
their neighbors to pay taxes.

Figure 8 displays neighbourhoods in Lahore and Faisalabad, color-coded by treatment
assignment.

Figure 8: Treatment assignment of neighbourhoods
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Note: This figure displays sample neighborhoods in Faisalabad (left panel) and Lahore (right panel). Treatment status is specified by color.

Our sample of neighbourhoods covers areas throughout each city."" Figure 9 shows how
neighbourhoods were identified using administrative, geo-referenced property data.

° Note that even with this eligibility criteria, there is still large variation in neighbourhood-level
revenue in the sample.

'0 This eligibility criteria also allows us to focus on residents of taxable properties when eliciting
preferences in Voice and Voice-based Local Allocation neighbourhoods to obtain a representative
sample of neighbourhood preferences.

" One exception is the south-east portion of Lahore, which is excluded since this region consists
primarily of private housing areas that are exempt from property tax and rely primarily on non-
state actors for service provision.
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Figure 9: Neighbourhood Sample Construction

Note: This figure displays neighborhoods identified on Google Earth (left panel) and matched to geo-
referenced property data (right panel). Each neighborhood is outlined in black. The geo-referenced property
data displays taxable properties in green, and exempt properties in red. Properties are exempt if they are
smaller than 5 marlas (about 125 square meters) or belong to widows, the disabled, retired federal and
provincial government employees, or religious charitable institutions (Khan et al. 2016).

3.4.2 Data collection

We collect detailed administrative, survey, and qualitative data on tax payments, public
goods and services, and attitudes towards the state. Below, we describe key aspects of
our data.

Administrative tax data: We collect administrative property-level data on tax
assessments and tax payments. This data is available from FY2014 onwards on a
monthly basis. For each property in our sample, we construct measures of tax assessed,
tax paid, and timing of payment timings.

The administrative data also contains detailed property characteristics such as property
use (residential or commercial), ownership status (owned or rented), and property
location (main or off road). In addition, we observe the property's valuation category
which captures the quality of facilities and infrastructure in the property's locality. Each
property is assigned a valuation category ranging from A to G. These property
characteristics allow us to construct a rich set of property-level controls that increase the
precision of our estimates.

Property survey data: \We survey residents in properties in our neighbourhoods at
baseline and at the end of the intervention period.'? Since it would be too costly to survey
all 100 to 400 taxable properties within each neighbourhood, we use a simple
randomization strategy to select properties for the survey sample. In particular, we
sample three GPS coordinates within each neighbourhood and then survey three to four
randomly chosen properties around that coordinate. This strategy ensures that surveyed
properties form a representative picture of the typical property in each neighbourhood.
Each property in the baseline sample is surveyed again at endline so as to create a
panel and hence improve statistical precision in the analysis.

12 Residents are the current residents of the property, and may be owners or renters of the
property. Renters are typically responsible for property tax payments in rented properties, though
the renter’s name is not officially listed on the property tax notice.
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The survey collects detailed data on usage of and perceptions of quality of relevant
urban services, such as water, sanitation, waste removal, street maintenance, and
lighting. We also obtain information on tax morale, voting behaviour, and attitudes
towards the government more generally. We match the property survey data to the
administrative data using property identifiers. This allows us to geo-reference each
observation in our survey sample.

Neighbourhood survey: We supplement data on perceptions of public goods and
services quality, with an objective assessment of public goods and services. The
objective assessment is based on a street-level survey of each of our 500
neighbourhoods. In each neighbourhood, enumerators walked on every street tracking
the quantity and quality of public goods and services on a smartphone application.
Figure 10 displays the application interface, while Figure 11 displays geo-referenced
public goods within a locality. GPS coordinates were taken for all observations of low-
frequency goods (dumpsters, public taps) and every third observation of high-frequency
goods (street lights, potholes, trash piles).

Figure 10: Public goods data collection app

W Collect > File Support :

Click on the picture cormesponding 10 what you see

PUBLIC STREET LIGHT

Note: This figure displays the data collection app used to identify public goods within localities.

Figure 11: Geo-referenced public goods

Note: This figure displays public goods observed identified within a locality collected in the 2016 survey
discussed in Section 3.4.1. Major roads are displayed in yellow. Surveyors walked on every street in 500
localities within Lahore and Faisalabad to identify street lights, pot holes, dumpsters, trash piles, and public
water taps. Each dot displays a different public good.
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This data allows us to directly observe the extent and quality of services provided in each
neighbourhood. By linking the GPS coordinates in the property survey to GPS
coordinates in the neighbourhood survey, we also use this data to measure
heterogeneity in treatment effects by taxpayer proximity to urban services.

Preferences survey: The tax authority collects citizen preferences for local goods and
services in Voice and Voice-based Local Allocation neighbourhoods. Though this data is
used as part of the interventions, it is also interesting in its own right, providing a high-
resolution view of how preferences for goods and services vary across time and space.
We also randomly select half of the citizens in this sample to provide an assessment of
the current quality of services in their neighbourhood.

Qualitative data: Finally, we collect detailed qualitative data on service provision, tax
morale, and the design of the interventions more generally throughout the intervention
period. Qualitative data is collected through semi-structured interviews and focus group
discussions with taxpayers, tax collectors, and local government officials to shed light on
the underlying mechanisms.

4. Findings
4.1 Monitoring Plan and Intervention implementation fidelity

The field team monitored all phases of the Voice, Local Allocation, Voice-Based Local
Allocation, and Local Leader interventions. Below, we describe the input and output
indicators used to monitor major intervention components and implementation fidelity.

Service Delivery:

We delivered services to Local Allocation and Voice-based Local Allocation
neighbourhoods in partnership with local governments. Over the course of the study,
there were multiple changes in the structure of local governments in Punjab. In 2016, the
responsibility of service provision was reallocated from Town and Municipal Authorities
to city-wide Municipal Corporations who work with elected Union Council officials to
deliver services. We closely monitored changes to the local government and worked with
the Municipal Corporations to plan delivery of services to our treatment neighbourhoods,
and secured approval for service provision from new stakeholders in each city’s
Municipal Corporation, including the Mayor of Lahore and the Mayor of Faisalabad.
During this period, municipal service delivery was completed entirely in Faisalabad and
was partially completed in Lahore.

After this period, since there were no functioning elected local governments to deliver
municipal services, we worked closely with the provincial Local Government and
Community Development Department (LG&CD) and Planning and Development
department (P&D) to formally include the project in LG&CD’s Annual Development
Programme (ADP) for FY 2018-2019 and FY 2019-2020. Remaining municipal service
delivery in Lahore was completed through the funds approved in the ADP.

We monitored the tendering of services throughout each period of service delivery. In the
last phase of the first round of service delivery, for example, tenders worth Rs. 51 million
were opened on 11th March 2019 to deliver services to 147 Local Allocation and Voice-

based Local Allocation neighbourhoods in Lahore. After competitive bidding, the tenders
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were awarded to the lowest bidder. The contractor provided the services of carpeting of
roads, repair of potholes, and the installation and repair of streetlights. The project team
worked in collaboration with the contractor and sub-engineers from Local LG&CD to
ensure that the services were delivered within neighbourhood boundaries.

We also verified service delivery by conducting independent audits in each Local Allocation
and Voice-based Local Allocation neighbourhood. The field team recorded the quantity,
quality and location of delivered services. In addition, the field team took a representative
picture of the service. A sample of these pictures are provided in the Appendix.

We find that services were delivered successfully in approximately 230 out of the 250 Local
Allocation and Voice-based Local Allocation. A handful of neighbourhoods in Faisalabad
did not receive services in time due to contracting issues; we plan to provide these services
as we implement the second round of service delivery. In addition, some neighbourhoods
did not receive services because the neighbourhood was partially or entirely located in a
private housing society where the municipal government did not provide services. We are
verifying that this was indeed the case. All in all, our audits show that Local Allocation and
Voice-based Local Allocation neighbourhoods did in fact receive services according to
intervention status. The changes in local government structure therefore did not prevent
service delivery, but did create unanticipated delays. These delays may have diluted the
salience of the interventions; we discuss this in detail in Section 4.

Preference Elicitation

Tax Inspectors from 102 Circles across Lahore and Faisalabad were trained to conduct
the Preference Elicitation Survey in sample neighbourhoods across approximately
60,000 properties. Our team developed and piloted the questionnaire on SurveyCTO,
which is an ODK-based application. Our team also assisted Tax Inspectors with logistics
and conducted regular oversight to ensure survey quality and credibility. This oversight
included field checks to verify properties were visited in the field, as well as monitoring of
GPS and audio data recorded by SurveyCTO.

Community mobilization with local leaders

Trainings

We trained 75 out of 87 local leaders in selected Union Councils across Lahore and
Faisalabad to implement the local leader intervention. Training occurred in small groups,
so that Chairmen could easily ask questions and discuss the intervention among
themselves, and lasted for about two hours. Figure 12 shows one such training session:

Figure 12: Local Leader Training
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Service Delivery

We followed a strict protocol to implement the Local Leader intervention as services
were delivered. This protocol (provided in the appendix) details the procedures we used
to inform local leaders and contractors about the intervention, and allow local leaders the
opportunity to select the location of services and monitor service delivery.

Figure 13 shows an example of a Local Leader monitoring a road repair activity in a
neighbourhood:

Figure 13: Local Leader Service Delivery

The Union Council bodies were formally dissolved in May 2019, and replaced by interim
bureaucratic administrators. As an alternative to engaging locally elected politicians, we
are now working with Union Council secretaries (bureaucratic officers) as we deliver
another round of services.

Endline data collection and analysis

Endline data collection was implemented over the past year, including tax payment and
assessment data at the property level, qualitative data on flyer distribution, and
qualitative data from local leaders. The endline survey assesses taxpayers’ response to
the interventions. Our team is conducting regular back checks to ensure surveyors
reached the same sample of properties we surveyed in baseline, and asked the
appropriate questions.
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4.2 Impact analysis

4.2.1 Descriptive statistics and balance table

Table 2 reports balance checks on administrative and survey data at baseline. We
compare control neighbourhoods (Column 1) to all treatment neighbourhoods (Column
2) and each treatment group separately (Columns 3 through 5). Each specification
includes stratum fixed effects. Standard errors are clustered by neighbourhood. The
results show covariates are balanced across treatment groups at baseline: out of the 48
comparisons made (12 variables * 4 columns), 3 are significant at the 10 percent level.
This is to be expected given natural sampling variation.

Table 2: Balance

Control Treatment Local Allocation  Voice  Voice-based Local Allocation

0 2) 3 ©) (5)
Panel A: Adminstrative Tax Data
Baseline tax payment (log) 8.334 0.031 0.004 0.045 0.044
[1.311] (0.03) (0.04) 0.03) (0.03)
Panel B: Property Characteristics (Baseline survey)
Land area (sq. feet) 3230 -562 -532 -322 -766
[16641] (512) (572) (602) (501)
Covered area. (sq. feet) 3896 -1170 -1266 -1065 -1192
[24294]  (761.09) (821.28) (810.02) (763.61)
Number of floors 1.855 -0.036 -0.027 -0.072* -0.015
[0.683] (0.03) (0.04) (0.04) (0.03)
Rent property? 0.179 0.006 -0.006 0.028 0
[0.384] (0.02) (0.02) (0.02) (0.02)
Panel C: Attitudes towards government (Baseline survey)
Satisfaction with Union Council 2.465 0.021 0.038 0.125* -0.056
[0.94] (0.06) (0.07) (0.07) (0.07)
Satisfaction with City/Local Govt 2.412 0.091 0.097 0.151* 0.05
10.95] (0.06) (0.07) (0.08) (0.07)
“Govt have helped me in last year." 2.755 -0.008 0.001 0.107 -0.086
|1.18] (0.08) (0.10) (0.10) (0.09)
“Govt represent my interests." 2.492 0.016 0.064 0.079 -0.057
|1.11] (0.07) (0.09) (0.08) (0.08)
“Govt use tax revenue to provide goods/services." 2.716 0.034 0.099 0.096 -0.051
[1.17] (0.07) (0.09) (0.09) (0.09)
“It is important for citizens to pay taxes." 4.213 -0.072 -0.117 -0.028 -0.07
10.90] (0.06) (0.08) (0.07) (0.07)
How much can people like you affect what govt does? 2.338 0.067 0.133 0.043 0.043
|1.25] (0.09) (0.11) (0.11) (0.10)

Notes: This table presents balance checks using administrative and survey data at baseline. Standard deviations are reported in brackets. Columns (2) - (5) report
difference between control mean and treatment group with stratum fixed effects. Standard errors are clustered by neighborhood and reported in parentheses. The
“satisfaction with Union Council" and “satisfaction with city/local govt" variables are coded 1 = dissatisfied, 4 = satisfied. The remaining variables in Panel C are
coded from 1 = strongly disagree to 5 = strongly agree.

We next present descriptive statistics on tax morale at baseline.' Table 3 measures
citizen attitudes towards the government (rows 1 through 3); beliefs about the
importance of paying taxes (rows 4 through 5), and beliefs about tax compliance and the
link between taxes and services (rows 6-8).

'3 Property taxes are likely the most salient tax for those in our sample. A large fraction of
national taxation are indirect taxes, such as GST, and it is not clear how salient these taxes are in
the minds of the average taxpayer. Income taxation in Pakistan has a small base, with a
relatively small number of tax filers.
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Table 3: Descriptive statistics on attitudes towards the government

0 @ ®) @ 6) )
Mean Strongly Disagree Somewhat Disagree Neutral Somewhat Agree Strongly Agree

“Govt has helped me in last year." 2.75 22% 15% 35% 23% 5%
[1.17]

“Govt represents my interests." 2.5 25% 20% 35% 18% 1%
[1.10]

“Govt uses tax revenue to provide services for people like me."  2.74 21% 14% 39% 23% 4%
|1.13]

“Tt is impt for citizens to pay taxes." 4.16 3% 3% 13% 3% 44%
10.96]

“People should only pay taxes if govt gives better services." 417 1% 1% 14% 26% 52%
[1.07]
Mean 0-20% 20-40% 40-60% 60-80% 80-100%

What frac. in neighborhood pay taxes? 3.63 10% 10% 18% 27% 33%
[1.31]

What frac. in country pay taxes? 2.82 18% 25% 22% 23% 10%
|1.26]

What frac. of taxes spent on services? 1.7 55% 26% 14% 4% 1%
[0.92]

Notes: This table reports deseriptive statistics on measures of tax morale. Column 1 reports the mean and standard deviation in brackets. The remaining eolumns report
the proportion of respondents who selected each response. Data was collected prior to the interventions in the property tax survey described in Section 3.5.1.

Most citizens report feeling neutral on whether the government has helped them in the
last year or uses tax revenue to provide services. However, more citizens disagree with
the statement than agree with it, indicating relatively low levels of trust in the government
to represent citizen interests or allocate tax revenue appropriately. Citizens feel strongly
that it is important to pay taxes (though this response may be cheap talk or be biased by
experimenter demand effects), but only if those taxes are used to provide services,
providing suggestive evidence that the link between taxes and services is critical for
ensuring tax compliance.

To elicit citizen beliefs on tax compliance, we asked what proportion of people in a
citizen's neighbourhood pay taxes, and what proportion of people in the country pay
taxes. Neighbors are considered to be more tax compliant, with 33% of citizens reporting
they believe 80-100% of people in their neighbourhood pay taxes, but only 10%
expressing the same sentiment about their countrymen. Finally, the majority of citizens
believe only 0-20% of taxes are used to fund services. Only 5% believe the allocated
proportion is near 70% - the supposed proportion in the status quo.

Results from the preference elicitation exercise in Voice and Voice-based Local
Allocation neighbourhoods are reported in Figure 14.
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Figure 14: Results from preference elicitation
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Each histogram shows the distribution of top-preferred services across the 250
neighbourhoods by treatment status and geographic region. Strikingly, nearly half of all
neighbourhoods select street light repair as their top-preferred service. One potential
concern with this result is that it may be driven by an ordering effect. Figure 9 shows that
repair of street lights appears as the top listed preference on the smart phone app. In the
second round of preference elicitation, we randomized the ordering of services.
Reassuringly, we find that the distribution in this round is very similar, indicating the
results reflect actual demand for street light repair, rather than ordering effects.

The bottom panel shows there is some variation in preferences across region. For example,
Lahore A, a relatively poorer and older part of Lahore, has higher demand for pothole repair,
than either Lahore B - a more recently developed part of Lahore - or Faisalabad.

Services are delivered in Local Allocation and Voice-based Local Allocation
neighbourhoods.™ In Local Allocation neighbourhoods, services are selected by the local
government department, while in Voice-based Local Allocation neighbourhoods, services
are selected by citizens. Figure 15 shows the distribution of services is similar in each
group, through bureaucrats are more likely to opt for installation of new lampposts to
address street lighting issues, while citizens are more likely to select street light repair.

4 We are also monitoring service delivery in Voice neighbourhoods to see if they match citizen
preferences. But this service delivery is optional, and not mandated by our interventions.
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Figure 15: Distribution of Services
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Note: This histogram displays the distribution of services selected by the local government (Local Allocation)
and citizens (Voice-based Local Allocation).

To test whether the selected services are more aligned with citizen preferences at
baseline in Voice-based Local Allocation neighbourhoods, we estimate the following
specification:

Alignns = BV oiceAllocys + s + €inst

where Aligninst is @ dummy equal to 1 if the delivered service matches the top (or top two)
baseline preference of taxpayer i in neighbourhood n and strata s and 0 otherwise. The
sample is all taxpayers in the Local Allocation and Voice-based Local Allocation
neighbourhoods. Standard errors are clustered at the neighbourhood level.

We use two measures of citizen preferences at baseline: preferences for specified goods
and services (street light repair, lamp posts, pot holes, road carpeting, trash removal,
and dumpsters; and preferences for more general service categories (water, street lights,
roads, and sanitation.)

Table 4, Column 1 shows that only 17% of citizens in Local Allocation neighbourhoods
received or will receive a service that is aligned with their top specific preference. This
average improves slightly to 27% when comparing services to the top two specific
preferences in Column 2. The alignment does not improve in Voice-based Local
Allocation neighbourhoods.

Table 4: Alignment of preferences

Top Preference Top 2 Preference Top Category Top 2 Category

(1) 2) (3) (4)
Voice-based Local Allocation -0.010 0.018 0.048** 0.070*
(0.028) (0.036) (0.024) (0.041)
Local Allocation Mean 0.17 0.27 0.14 0.36
Obs 2440 2440 2440 2440

Notes: This table estimates the alignment of baseline preferences for services in Local Allocation and
Voice-based Local Allocation neighborhoods. The sample is all taxpayers in these intervention
neighborhoods in the baseline sample. Columns (1) and (2) compare services to baseline preferences for
specified goods and services (street light repair, lamp posts, pot holes, road carpeting, trash removal, and
dumpsters. Columns (3) and (4) compare services to baseline preferences for service categories (water,
street lights, roads, and sanitation.) Each regression includes stratum fixed effects. Standard errors are
clustered by neighborhood.
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In Columns 3 and 4, we match services to baseline preferences for general service
categories. Here, the alignment of services and preferences is 4.8 percentage points
higher in Voice-based Local Allocation neighbourhoods (34% increase.'® This estimate is
significant at the 5% level. The differential effect is larger when assessing the alignment
of services to the top two general service categories: citizens in Voice-based Local
Allocation neighbourhoods are 7 percentage points more likely to receive services
aligned with their preferences. We note, however, that the estimated effects for service
alignment with the top preferred service category at baseline (Column (3)) and service
alignment with the top two preferred service categories at baseline (Column (4)) are not
statistically different.

This analysis confirms that alignment between baseline preferences and services is
significantly higher in Voice-based Local Allocation neighbourhoods than Local Allocation
neighbourhoods. Still, it is surprising that the average is not higher. One possible
explanation is that preferences for service provision are not stable, and citizens reported
different rankings in the baseline and preference survey. Another possible explanation is
differences in the method of preference elicitation. In the baseline survey, we asked
citizens to provide a full ranking of seven possible services. In the preference survey, we
asked surveys to select their top two preferred services out of seven. It is possible that
citizens changed their ranking because of these different prompts.

4.2.2 Research analyses

This section presents first year impacts of the interventions. The empirical analysis -
including specifications, samples, primary outcomes, and selection of controls - follows a
pre-analysis plan uploaded on the AEA RCT registry.®

Treatment effect on taxpayer knowledge and government action

We start by examining treatment effects on taxpayer knowledge of the scheme. All
specification using survey data use a set of property controls: gender, age category,
household size, household income per capita, attitudes towards the government,
rental/owner status, property covered area, property use, number of floors, location on
main road, and self-reported property worth.' Where possible, we used the baseline
value of the outcome variable as an additional control. In these specifications, we include
dummy variables for missing baseline values. In the future, we will use a double-LASSO
procedure a la Chernozhukov et al. to refine the control variables.

Table 5 shows taxpayers in intervention areas are 3.4% more likely to report they are in
a government scheme (Columns (1) and (2)), and 1.2% more likely to report receiving an
information flyer about a scheme (Columns (5) and (6)). These effects are statistically
significant. This result holds in all treatment groups, though the treatment effect on
taxpayer knowledge in Voice neighbourhoods is insignificant.

'S Note that the local allocation mean is slightly lower (14% vs 17%). This is because the general
service categories contain water, which was not offered as a specific service in the interventions.
16 The link for the AEA RCT registry is available here:
http://www.socialscienceregistry.org/trials/3270/history/33596.

7 The endline survey is designed to reach all of the approximately 5000 respondents in the
baseline sample. We have contacted all properties in the sample, but because sometimes the
resident could not be located, we have scheduled follow up appointments to complete the survey.
These follow ups are ongoing.
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In Columns (3) and (4), we test if taxpayers are aware of the particular scheme they
have been assigned to. We code a dummy variable equal to 1 if a taxpayer in an
intervention area correctly reports her scheme, and equal to 0 otherwise. Regressing this
variable on the treatment arms, we see taxpayers in Local Allocation and Voice-based
Local Allocation neighbourhoods are more likely to correctly remember their scheme
compared to taxpayers in Voice neighbourhoods.

Table 5: Treatment effects on taxpayer understanding

Which scheme are you in?
Are you in a scheme? (=1 if correct, =0 otherwise) Did you receive a flyer?

(1) (2) (3) (4) (5) (6)
Panel A: Any treatment
Treatment 0.034*** 0.035%** 0.021%*** 0.020%** 0.012%* 0.012%*
(0.011) (0.011) (0.005) (0.005) (0.005) (0.005)
Panel B: Treatment arms
Voice 0.017 0.018 0.006* 0.005 0.019%* 0.019%*
(0.013) (0.013) (0.004) (0.004) (0.008) (0.008)
Local Allocation 0.066%** 0.066*** 0.033*** 0.032%** 0.014 0.014
(0.019) (0.019) (0.010) (0.010) (0.010) (0.009)
Voice-based Local Allocation 0.024* 0.025%* 0.023*** 0.023*** 0.006 0.006
(0.014) (0.014) (0.008) (0.008) (0.006) (0.006)
BDemand = BDelivery 0.017 0.016 0.011 0.009 0.596 0.577
Bpemand = BDD 0.619 0.602 0.022 0.017 0.078 0.083
Bpelivery = BDD 0.052 0.051 0.441 0.438 0.375 0.396
Baseline covariates X X X
N 3341 3341 3519 3519 3467 3467
Mean of control group 0.022 0.022 0.000 0.000 0.009 0.009

Notes: OLS regressions of taxpayer understanding on treatment. Are you in a scheme? is an indicator variable
equal to 1 if the respondent reports their neighborhood was part of a government scheme in the preceding fiscal year,
and 0 otherwise. Which scheme are you in is an indicator variable equal to 1 if the respondent correctly reports
the scheme they were a part of, and 0 otherwise. Did you receive a flyer? is an indicator variable equal to 1 if the
respondent reports receiving a flyer about their scheme in the preceiding fiscal year, and 0 otherwise. The unit of
observation is a property. Standard errors are clustered by neighborhood. All regressions include stratum fixed effects.
Baseline covariates are: gender, age category, HH size, HH income per capita, attitutdes towards the government,
rental/owner status, covered area, property use, floors, location on main road, and self-reported property worth.
Regressions include dummy variables for missing baseline values. In the analysis, we will use a LASSO procedure to
select baseline variables. * p<0.10, ** p<0.05, *** p<0.01

Though the treatment effects are significant, the magnitude of these effects are small.
The maijority of taxpayers in our sample do not report being in a scheme. We believe
there are several reasons why taxpayers do not correctly recall their neighbourhood’s
assignment to a scheme. First, the household or commercial property member reached
by E&T is not necessarily the same member surveyed in the endline. Some members
may not have communicated with one another about scheme details.'® Second,
respondents may have recall bias. In a post-survey exercise, we asked a small sample
of survey respondents if they were contacted by E&T about a scheme at any point in the
last three fiscal years. Most respondents reported yes when engaged in a lengthy
conversation. Finally, the interventions may not have been publicized enough to
taxpayers. Though we reached out to taxpayers at multiple points throughout the last
year (e.g. door-to-door visits, flyers, posters/stickers, etc.), this outreach may not have
been sufficient to ensure the schemes were salient and distinct in the minds of
taxpayers.

'8 We are matching respondent names in the E&T and endline survey to analyze whether
awareness is higher when the same respondent was surveyed at endline.
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We plan to address all of these issues as we deliver another round of services. To
encourage intra-household discussions of the interventions, we will ask taxpayers to talk
about the scheme with other members of their household or establishment. We also plan
to send text messages to the intervention sample, reminding them about the scheme and
informing them about previously delivered services. This sample will include those
contacted by E&T, and those surveyed in baseline and endline. This outreach will ensure
that multiple members of a property are informed about the scheme.

Table 6 reports treatment effects on taxpayer perceptions of government action and
service delivery in their neighbourhood.

Table 6: Treatment effects on taxpayer perception of government action

Any new goods/services

Did [...] take actions to improve goods/services in your NH? delivered in your NH? Neighborhood quality

(1) (2) (3) (4) (5) (6) (7 (8) (9) (10)
E&T E&T LG LG uc uc
Panel A: Any treatment
Treatment 0.025 0.023 0.028 0.023 0.016 0.011 -0.004 -0.010 -0.005 -0.005
(0.017) (0.016) (0.017) (0.017) (0.017) (0.016) (0.011) (0.011) (0.010) (0.010)
Panel B: Treatment arms
Voice 0.026 0.022 0.031 0.024 0.017 0.011 0.009 0.005 -0.020 -0.019
(0.022) (0.021) (0.023) (0.023) (0.021) (0.021) (0.015) (0.016) (0.013) (0.013)
Local Allocation 0.015 0.012 0.019 0.014 0.013 0.009 -0.015 -0.022* 0.001 0.002
(0.022) (0.021) (0.022) (0.021) (0.022) (0.022) (0.013) (0.013) (0.014) (0.014)
Voice-based Local Allocation 0.032 0.030 0.032 0.029 0.018 0.013 -0.006 -0.011 0.001 0.000
(0.019) (0.019) (0.020) (0.020) (0.019) (0.019) (0.014) (0.013) (0.012) (0.012)
BDemand = BDelivery 0.609 0.659 0.615 0.648 0.863 0.932 0.098 0.074 0.143 0.146
Br = Bpp 0.809 0.727 0.955 0.843 0.965 0.903 0.305 0.328 0.107 0.121
Bpetivery = Bpp 0.425 0.401 0.532 0.471 0.820 0.831 0.495 0.360 0.948 0.900
Baseline covariates X X X X X
N 3417 3417 3423 3423 3432 3432 3315 3315 3472 3472
Mean of control group 0.197 0.197 0.234 0.234 0.256 0.256 0.066 0.066 0.543 0.543

Notes: OLS regressions of government action in a neighborhood on treatment. The unit of observation is a property. The highlighted column is
the treatment effect on government action. Government actions by Excise and Taxation (E&T), Local Government (LG) and Union Councils (UC) are
a greater extent of action in preceding fiscal year. Any new goods? is an indicator

measured on a 5-point Likert scale with higher values reflecting
and 0 otherwise.

variable equal to 1 if the respondent reports receiving new umls and services in her neighborhood in the preceding fiscal year,
Neighborhood quality is measures the overall qua ality of goods and services in a neighborhood, and is measured in a 5-point Likert scale with higher
values reflecting higher quality. All regressions include stratum fixed effects. Base lnu covariates are: gender, age category, HH size, HH income per
capita, attitutdes towards the government, rent: \l/o\\m r status, covered area, property use, floors, location on main road, and self-reported property
worth. Regressions include (l\umn\ variables for missing baseline values. In the analysis, we will use a LASSO procedure to select baseline variables.
Standard errors are clustered by neighborhood. * p<0.10, ** p<0.05, *** p<0.01

We first look at whether taxpayers report government actors took action to improve
goods and services in their neighbourhoods in the last fiscal year. The government
actors we consider are E&T, local government, and Union Councils — the three actors
responsible for implementing the intervention. The highlighted columns estimating the
treatment effect on government action are our key outcomes of interest, as specified in
our pre-analysis plan. We find positive, though insignificant effects on taxpayer
perceptions of government action. The main treatment effects for government action by
E&T and LG are marginally significant, with p-values ranging from 0.11 to 0.18
depending on the specification. There is no significant difference in taxpayer perceptions
across intervention groups. This may not be as surprising given, as we noted above, the
salience of the schemes is not as large as expected but something that we expect to be
able to rectify going forward.

We next examine whether taxpayers report receiving new goods and services in the
preceding fiscal year (Columns (7) and (8)), and taxpayers’ assessment of the quality of
goods and services in their neighbourhood (Columns (9) and (10)). Here, we again find
no significant treatment effects, aside from a marginally significant negative effect in
Local Allocation neighbourhoods. This is interesting given we know from our field audits
that the schemes were in fact all delivered.
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These results are therefore consistent with our previous interpretation that the
interventions are not being publicized enough to taxpayers. Though services were
delivered in Local Allocation and Voice-based Local Allocation neighbourhoods, these
services may not have been salient enough for taxpayers to have noticed on their own.
Given these results, moving forward, we plan to publicize service delivery much more
intensely via text messages and door-to-door outreach so that taxpayers are aware of
new services in their neighbourhoods delivered via the interventions.

Treatment effect on tax payments

We examine first year impacts of the interventions using administrative property tax data
in FY2016-2017 and FY2017-2018. While we have obtained tax payment data for
FY2018-2019, we are still in the process of cleaning it for analysis with our government
partners. Data includes tax payments and assessments for each month of the study and
for all taxpayers in the sample.

The tax payment data is total payments, which include current year tax payments and
payments for arrears. We anticipate obtaining data separating current year payments
and arrears; when we do so, we will conduct the analysis for current year payments and
arrears separately. The current year tax payments are primary outcomes.

All specifications use a set of property controls: the log of government assessed property
worth, log of total covered area, whether the taxpayer defaulted on payments in the
baseline year (FY2015-2016), whether the property is located on a main street, whether
the property is rented or owned, the tax valuation category, and whether the property is
residential or commercial. In the future, we may use a double-LASSO procedure a la
Chernozhukov et al. to refine the control variables.

Table 7 shows that tax payments increased in the first year of interventions.

Table 7: Treatment effects on payments as proportion of payable amount

Payment as prop of payable amount

(1) (2) 3) (4)
FY2016-17 (Nov. 16 - June 17)
Treatment 0.043 0.070** 0.081** -0.008
(0.026) (0.035) (0.038) (0.043)
Baseline FY2015-16 -0.008** 0.045 0.028
(0.004) (0.038) (0.052)
Baseline FY2014-15 -0.009%**  -0.012*** _0.011%%* -0.044%**
(0.003) (0.003) (0.003) (0.011)
Property characteristic covariates X X X X
Did not pay in full in FY2015-2016 X
Did not pay at all in FY2015-2016 X
Made partial payment in F'Y2015-2016 X
N 33986 21932 18662 3270
Mean of control group 0.648 0.590 0.536 0.909

Notes: OLS regressions of paid/payable ratios on treatment. Qutcomes have been top-coded at 1%. The paid variable
includes current and arrear payments. We will split the paid variable in future versions of this table. Treatment is a
dummy showing whether the observation is in any of the three treatment arms. Property characteristics include log
of government assessed property worth, log of total covered area, a dummy of defaulter in 2015, a dummy of location
on the main street, a dummy of occupation status (rented or owned), a dummy of valuation category and dummies
of residential and commercial use. The highlighted column is the treatment effect on payment as a proportion of the
payable amount, conditional on not paying in full in the baseline year. All specifications have stratum fixed effects.
Standard errors are clustered by neighborhood. * p<0.10, ** p<0.05, ¥** p<0.01
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As discussed earlier, we analyze the impact of the treatment for four samples: (1) the full
sample of taxpayers; (2) taxpayers who did not pay in full in the baseline year (FY2015-
2016); (3) taxpayers who did not pay at all in the baseline year; and (4) taxpayers who
made a partial payment in the baseline year. Specifications highlighted in bold indicate
our primary outcome. Here, our primary outcome is the treatment effect on any payment,
conditional on not paying in full in the baseline year. In the first year of interventions,
taxpayers in this sample made payments that were on average 7 percentage points
higher than the control group (12% increase). Tax payments are also higher in the first
year of interventions conditional on not making any payment in the baseline year.
Column (3) shows taxpayers in this sample made payments that were on average 8
percentage points higher than the control group (15% increase).

Table 8 presents the same specifications by separating each treatment arm:

Table 8: Treatment effects on payments as proportion of payable amount by
treatment

Payment as prop of payable amount

(1) (2) (3) (4)
FY2016-17 (Nov. 16 - June 17)
Voice 0.038 0.067 0.068 0.037
(0.035) (0.046) (0.050) (0.059)
Local Allocation 0.061%* 0.109%** 0.140%* -0.066
(0.037) (0.050) (0.054) (0.055)
Voice-based Local Allocation 0.033 0.047 0.053 0.004
(0.032) (0.042) (0.045) (0.051)
Baseline FY2015-16 -0.008** 0.044 0.027
(0.004) (0.038) (0.052)
Baseline FY2014-15 -0.009***  -0.012*** _0.010%** -0.044***
(0.003) (0.003) (0.003) (0.011)
Property characteristic covariates X X X X
Did not pay in full in FY2015-2016 X
Did not pay at all in FY2015-2016 X
Made partial payment in FY2015-2016 X
N 33986 21932 18662 3270
Mean of control group 0.648 0.590 0.536 0.909

Notes: OLS regressions of paid/payable ratios on treatment. Outcomes have been top-coded at 1%. The paid variable
includes current and arrear payments. The payable variable is defined using baseline FY15-16 values. We will split
the paid variable in future versions of this table. Property characteristics include log of government assessed property
worth, log of total covered area, a dummy of defaulter in 2015, a dummy of location on the main street, a dummy
of occupation status (rented or owned), a dummy of valuation category and dummies of residential and commercial
use. The highlighted column is the treatment effect on payment as a proportion of the payable amount, conditional on
not paying in full in the baseline year. All specifications have stratum fixed effects. Standard errors are clustered by
neighborhood. * p<0.10, ** p<0.05, *** p<0.01

In Column (2), we find that the effect on tax payments conditional on not paying in full in
the baseline year is statistically significant in Local Allocation neighbourhoods. In the first
year of the intervention, taxpayers in these neighbourhoods make tax payments as a
proportion of the payable amount due 11 percentage points higher than the control
mean. Column (3) shows that taxpayers in Local Allocation neighbourhoods also make
higher tax payments, conditional on not paying at all in the baseline year. For this group,
payments are 14 percentage points higher (26% increase) in the first year of
interventions.
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Though the tax payment increase is significant only in the local allocation treatment, all
three treatments have a positive effect on payment amounts. Given that these tax
payments were made before most Local Allocation and Voice-based Local Allocation
neighbourhoods received services, these results are promising. The results show
taxpayers responded to the preference elicitation and information components of the
treatments. The credibility and salience of the interventions is likely to improve
considerably after the second round of service delivery is complete. In addition, the
precision of the estimates may improve once current year payments are examined
separately.

Treatment effect on attitudes towards the state

Table 9 shows treatment effects on taxpayer attitudes towards the state. We examine
four actors of the state: E&T, local government, Union Councils, and the provincial
government. For each actor, we assess taxpayer attitudes using four measures:
satisfaction with the actor, engagement with the actor, perceived importance of the actor,
and trust in the actor. The first three outcomes are measured on a 5-point Likert scale,
with higher values indicating more positive attitudes. The last variable, trust, is equal to 1
if the taxpayer trusts the actor, and equal to 0 otherwise. We also compute the average
effect size of the outcome variables, giving equal weight to each index component
following the procedure adopted in Kling et al. (2004), and Clingingsmith et al. (2009).

Table 9: Treatment effects on taxpayer attitudes

Satisfaction Engagement Importance Trust Avg Effect Size

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) (13) (14) (15)

Panel A: E&T
Tre: ent 0.012 0.012 0.014 0.005 0.004 0.001 -0.003 -0.000 -0.001 -0.002 -0.002 0.003
(0.014)  (0.014)  (0.014)  (0.012) (0.012) (0.012)  (0.017) (0.016) (0.016) (0.025)  (0.025)  (0.024)

0.013 0.014 0.014
(0.034)  (0.034)  (0.034)
0.009 0.005 0.023 0.025 0.000 0.000 -0.031  -0.010
(0.033)  (0.033) (0.026)  (0.025) () () (0.030)  (0.030)
0.070 0.074 -0.012  -0.014 0.000 0.000 0.034 0.026
(0.046)  (0.046) (0.040)  (0.039) [®) [®) (0.043)  (0.043)
X X X X x
N 3445 3445 3445 3449 3449 3449 3431 3431 3431 3440 3440 3440 3478 3478 3478
Mean of control group 0.411 0.411 0.411 0.114 0.114 0.114 0.709 0.709 0.709 0.450 0.450 0.450
Panel B: Local Govt
Treatment 0.018 0.015 0.017 0.002 -0.000  -0.002  -0.018  -0.016 -0.015  -0.027  -0.028  -0.027
(0.013)  (0.013)  (0.013)  (0.012) (0.012)  (0.012)  (0.015) (0.015) (0.015)  (0.025)  (0.025) (0.025)
Average Effect Size -0.013  -0.019  -0.019
(0.031)  (0.031)  (0.031)
Baseline 0.035 0.048 0.010 0.011 0.000 0.000 -0.019  -0.001
(0.032)  (0.033) (0.026)  (0.026) [®) [®) (0.031)  (0.032)
0.085* 0.080% -0.006  -0.009 0.000 0.000 0.057 0.052
(0.044)  (0.044) (0.038)  (0.037) () () (0.042)  (0.042)
X X X X X
3415 3415 3415 3432 3432 3432 3431 3431 3431 3439 3439 3439 3478 3478 3478
0.391 0.391 0.391 0.119 0.119 0.119 0.760 0.760 0.760 0.479 0.479 0.479
Panel C: Union Council
Treatment 0.020 0.018 0.019 0.003 -0.001  -0.005  -0.027* -0.025* -0.024  -0.015  -0.016  -0.015
(0.013)  (0.013)  (0.012)  (0.013) (0.012)  (0.012)  (0.015)  (0.015) (0.015)  (0.023)  (0.023)  (0.023)
Average Effect Size -0.012  -0.023  -0.026
(0.030)  (0.030)  (0.030)
0.069%*  0.084*** 0.019 0.012 0.000 0.000 -0.054%  -0.042
(0.031)  (0.032) (0.029)  (0.028) [®) [®) (0.028)  (0.030)
Baseline, same respondent -0.026 -0.035 0.088%*  0.088** 0.000 0.000 0.063 0.059
(0.045)  (0.046) (0.042)  (0.043) [®) [®) (0.041)  (0.041)
X X X X x
3452 3452 3452 3456 3456 3456 3436 3436 3436 3452 3452 3452 3478 3478 3478
0.391 0.391 0.391 0.155 0.155 0.155 0.766 0.766 0.766 0.512 0.512 0.512

0.015 0.014 0.013 0.005 0.003 -0.000  -0.022  -0.018  -0.016  -0.006  -0.007  -0.005
(0.012)  (0.012)  (0.012)  (0.012) (0.012)  (0.012)  (0.020)  (0.020) (0.020)  (0.023)  (0.023)  (0.023)
-0.007  -0.006  -0.006
(0.033)  (0.033)  (0.032)

-0.013 -0.010 -0.006  -0.007 0.000 0.000 -0.018  -0.010
(0.032)  (0.033) (0.028)  (0.027) [®) [®) (0.029)  (0.031)
0.038 0.037 0.022 0.021 0.000 0.000 -0.004  -0.006

(0.048)  (0.048) (0.036)  (0.036) ) ) (0.040)  (0.040)

X X X X X
345 3458 3458 3458 2311 2311 2311 3458 3458 3458 3477 3477 3477
0.128 0.128 0.481 0.481

The unit of
nt I

he are

We find no significant effects on attitudes to any of the government actors. This is clearly
seen in Column (15), which reports the average effect size with a set of property and
respondent controls, and was selected as our preferred specficiation in the pre-analysis
plan.

30



In Table 10, we examine effects across treatment arms. Consistent with the preceding
results, we find no significant effect on taxpayer attitudes towards any of the government
actors. This may not be as surprising given we had noted that the salience of schemes
has been low in the first round of service delivery.

Table 10: Treatment effects on taxpayer attitudes by treatment

Satisfaction Engagement Importance Trust Avg Effect Size
(1 (2 3 (4) (s) (8) (7 (8) (9 (10) (11) (12) (13) (14) {15)
Panel A: E&T
Voice 0.021 0.021 0.023 0021 o0.020 0017 -0.001 -0.000 -0.001 0.008 0.008 0.016
(0.018)  (0.018)  (0.018) (0016}  (0016)  (0.016) (0.021)  (0.021) (0.021) (0.034) (0.034)  (0.034)
Local Allocation 0.014 0.013 0.014 0.010 0.008 0.005 -0.006 -0.001 -0.003 0.007 0.007 0.011
(0.018)  (0.018)  (0.018) (0019} (0019) (0.019) (0.023) (0.022) (0.022) (0.033) (0.033) (0.032)
Voice-based Local Allocation 0.005 0.005 0.009 -0.008 -0.009 -0.010 -0.003 -0.000 -0.000 -0.015 -0.015 -0.012
(0.016) (0.016) (0.016) (0.014) (0014)  (0.013)  (0.019)  (0.019) (0.019) (0.028) (0.028)  (0.028)
Voice - AES 0.047 0.049 0.050
(0.043) (0.043) (0.043)
Local Allocation - AES 0.024 0.025 0.021
(0.049) (0.049)  (0.048)
Voice-based Local Allocation - AES -0.016 -0.016 -0.013
(0.040) (0.040) (0.039)
Baseline 0.008 0.004 0.022 0023 0.000 0.000 -0.031 -0.010
(0.033)  (0.033) (0027)  (0.026) ) ) (0.030)  (0.030)
Baseline. same respondent 0.071 0.075 -0.010 -0.012 0.000 0.000 0.035 0.027
(0.046)  (0.046) (0.039)  (0.038) ) ) (0.043)  (0.043)
= BDelivery 0723 0.686 0.650 0609 0538 0533 0.852 0.951 0.936 0.983 0.988 0.883
8pp 0.400 0.374 0.434 0.069 0.061 0072 0.928 0.995 0.966 0.498 0487 0.398
BDectivery = BDD 0.656 0.662 0.771 0.320 0353 0.3m 0.907 0.952 0.898 0.506 0.489 0.482
Baseline covariates X X X X X
N 3445 3445 3445 3449 3449 3449 341 3431 3431 3440 3440 3440 3478 3478 3478
Mean of control group 0.411 0.411 0.411 0114 0.114 0114 0.709 0.709 0.709 0.450 0.450 0.450
Panel B: Local Govt
Voice 0.028 0.026 0.028 0020 009 0017 -0.020 -0.020 -0.018 -0.021 -0.021 -0.m8
(0.017)  (0.017)  (0.018) (0016}  (0016)  (0.016) (0.020) (0.020) (0.020) (0.033) (0.033) (0.033)
Local Allocation 0.031* 0.028 0.028 0007 0.004 0.002 -0.030 -0.028 -0.028 0.010 0.009 0.010
{0.018) (0.018) (0.018) (0018} (0.018) (0.018) (0.021) (0.021) (0.021) (0.032)  (0.031)
Voice-based Local Allocation 0.003 0.000 0.002 -0.014 -0.015 -0.016 -0.008 -0.006 -0.005 5 -0.056* -0.056%
(0.015) (0.015) (0.015) (0.013) (0013) (0013) (0.017) (0.017) (0.017) (0.030) (0D.030)  (0.030)
Voice - AES 0.019 0.015 0.017
(0.041) (0.040) (0.041)
Local Allocation - AES 0.010 0.004 0.002
(0.045)  (0.045)  (0.044)
Voice-based Local Allocation - AES -0.049 -0.056 -0.055
(0.036) (0.036) (0.036)
Baseline 0.034 0.47 0.007 0.007 0.000 0.000 -0.019 -0.000
(0.032)  (0.033) (0.026)  (0.026) () ) (0.030)  (0.032)
Baseline. same respondent 0.087** 0.082* -0.04 -0.007 0.000 0.000 0.057 0.052
(0.044)  (0.044) (0.038)  (0.037) ) ) (0.042)  (0.042)
and = BBclivery 0.871 0.893 0.994 0.497 0.434 0.454 0.664 0.712 0.668 0.390 0.403 0.428
and = DD 0.150 0.139 0.129 0.030 0.025 0.033 0.514 0.485 0.510 0.308 0.291 0.260
BDeticery = BDD 0.122 0.113 0.130 0.240 0.260 0.276 0.271 0.283 0.267 0.046 0.045 0.044
Basdlne covariates X X X X
3415 3415 3415 3432 3432 3432 341 3431 3431 3439 3439 3439 3478 3478 3478
\lean of control group 0.3m 0.391 0.3m 0119 0.119 0.119 0.760 0.760 0.760 0.479% 0479 0.479
Panel C: Union Council
Voice 0.026 0.024 0.026 007 0.015 oon -0.034% -0.033 -0.033 -0.025 -0.020
(0.016) (0.016) (0.016) (0.016) (0.016) (0.016) (0.021) (0.021)  (0.021) (0031} (0.031)
Local Allocation 0.033* 0.030* 0.028% 0017 o010 0.006 -0.034 -0.032 -0.031 0.025 0.026
{0.017)  (0.017) (0.016) (0019} (0.018) (0.018) (0.021) (0.021) (0.021) (0031}  (0.031)
Voice-based Local Allocation 0.008 0.007 0.007 -0.015 -0.019 -0.023* -0.017 -0.015 -0.013 -0.037 -0.037
(0.015) (0.015) (0.015) (0.014) (0014) (0014) (0.017) (0.017) (0.017) (0.027) (0027} (0.027)
Voice - AES -0.003 -0.009 -0.010
(0.040) (0.039)  (0.039)
Local Allocation - AES 0.028
{0.043)
Voice-based Local Allocation - AES -0.045 053
(0.036) (0.035) (0.035)
Baseline 0.067"*  0.082"% 0017 0.009 0.000 0.000 -0.053* -0.040
(0.031)  (0.033) (0.028)  (0.028) () ) (D.028)  (0.030)
Baseline. same respondent -0.026 -0.035 0.089** 0.089** 0.000 0.000 0.061 0.057
(0.045)  (0.046) (0.042)  (0.042) ) (A} (0041} (0.041)
Bpemand = BDelivery 0.716 0.759 0.882 0979 0.793 0802 0.999 0.961 0.144 0.154 0.181
0.279 0.292 0.256 0040 0.028 0027 0.409 0.711 0.693 0.593
0.157 0.182 0.205 0070 0.084 0.083 047 0.046 0048 0.042

Baseline covariates X X X X
N 3452 3452 3452 3456 3456 3436 3436 3452 3452 3452 3478 3478 3478
Mean of control group 0.301 0.391 0.391 0.155 0.155 0.766. 0.766 0.512 0.512 0.512
Panel D: Provincial Govt
Voice 0.017 0.016 0.016 0017 0.017 0.013 -0.001 0.002 0.003 0.012 0012 -0.007
(0.017)  (0.017)  (0.017)  (0.016) (0.016)  (0.016)  (0.026) (0.026)  (0.025) ( 31)  (0.031)  (0.032)
Local Allocation 0.033*  0032°  0.031° 0013 0.011 0007 0051 D45 -0.045° 0.009 0.011
(0.018)  (0.018)  (0.018)  (0.018) (0.018)  (0.017) (0.028) (0.027)  (0.027) (0031}  (0.030)
Voice-based Local Allocation 0.002 0.000 0.001 0.008  -0.011 -0.013 0017 0014 -0.010 0015 -0.013
(0.014) (0.014) (0.014) (0014) (0014) (0.014) (0.023) (0.023) (0.023) (0 lm:- (D.026)  (0.026)
Voice - AES 0.030 0.032 0.032
(0.043) (0.043) (0.043)
Local Allocation - AES 0002 -0.001  -0.005
(0.047)  (0.047)  (D.046)
Voice-based Local Allocation - AES 0.034  -0.035  -0.032
(0.03%) (0.038) (0.037)
Baseline -0.014 -0.011 -0.007 -0.008 0.000 0.000 -0.m17 -0.010
(0.032)  (0.033) (0028)  (0.027) () ) (0.020)  (0.031)
Baseline. same respondent 0.040 0.039 0.025 0.024 0.000 0.000 0004 -0.006
(0.048)  (0.048) (0036)  (0.036) () ) (0.040)  (0.040)
BDemand = BDclivery 0.395 0.426 0.466 0.831 0.754 0.769 0.091 0.112 0.107 0.507 0.541 0.597
0.386 0.352 0.357 0.085 0.068 0.087 0.533 0.5 0.611 0.961 0.931 0.816
0.077 0.075 0.086 0.188 0.187 0.213 0.223 0.253 0.207 0.417 0.430 0.401
Baseline covariates X X X X X
N 3459 3459 3459 3458 3458 3458 2311 2311 2311 3458 3458 3458 3477 3477 3477
Mean of control group 0.367 0.367 0.367 0.128 0.128 0.128 0.781 0.781 0.781 0.481 0.451 0.451
Notes: OLS i of itudes towards actors on The unit of observation is a property. Satisfaction. with, and i t e of Excise and Taxation (E&T).

Local Government (LG), Union Councils (UCs). and the provincial government are measured on 5-point Likert scale with higher values reflecting more positive attitudes. Trust in the government actor

is an indicator value equal to 1 if the respondent believes the actor can be trusted. and 0 otherwise. The highlighted column is the average effect size (AES) of these four outcome variables. giving

equal weight to each index component (following Kling et. al (2004) and Clingingsmith et al. (2009)). All regressions incdlude stratum fixed effects. Baseline covariates are: gender. age category. HH

size. HH income per capita des towards the rental/owner status. covered area. property use. floors. location on main road. and self-reported property nmlh Regressions indude

dummy variables for missing baseline values. In the analysis, we will use a LASSO procedure to select baseline variables. Standard errors are clustered by neighborhood. * p<0.10, ** p<0.05, ***
p<0.01
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We also measure treatment effects on taxpayer attitudes towards the state in general. In
particular, we asked respondents to how closely they agreed with statements such as
“The government of Pakistan helps people like me,” or “The government of Pakistan
uses tax revenue for people like me.” Responses are measured on a 5-point Likert scale,
with higher values reflected stronger agreement with the statement. As in the preceding
tables, we also compute the average effect size of these outcomes.

Table 11 shows the treatment has an insignificant effect on attitudes towards the state.

Table 11: Treatment effects on taxpayer perceptions of state

Govt helps me Govt represents me Govt uses tax revenue for me  People like me can affect govt Average Effect Size

(1) (2) (4) (5) (6) (7) (8) 9) (10) (11) (12) (13) (14) (15)
Treatment 0.031 0.027 0.025 0.0 0.023 0.013 0.010 0.016 0.019 0.017 0.014
(0.020)  (0.020) (0.017) (0.0 (0.017)  (0.019)  (0.019)  (0.019)  (0.020) (0.020)  (0.019)
Average Effect Size 0.066 0.056 0.064
(0.042)  (0.041)  (0.040)
Baseline 0.010  -0.209% 0.022 0.014 0.024 0.029 -0.016 -0.013
(0.030)  (0.116) (0.032)  (0.037) (0.035)  (0.036) (0.032)  (0.031)
Baseline, same respondent 0.006 0.002 0.012 0.013 0.029 0.023 0.039 0.041
(0.039)  (0.039) (0.044)  (0.044) (0.046)  (0.046) (0.039)  (0.039)
Baseline covariates X b'e X X X
N 3469 3469 3469 3456 3456 3456 3454 3454 3454 3460 3460 3460 3477 3477 3477
Mean of control group 0.327 0.327 0.327 0.335 0.335 0.335 0.448 0.448 0.448 0.511 0.511 0.511

Notes: OLS regressions of attitudes towards the state on treatment. The unit of observation is a property. Each outcome variable measures the respondent’s agreement with the statement
in the column: Governments in Pakistan have done things that have helped me in the last year, Governments in Pakistan represent the interests of people like me, Governments use tax
revenue to provide goods and services for people like me, and People like me can affect what the government does. Each outcome is measured on a 5-point Likert scale with higher values
reflecting stronger agreement with the statement. The highlighted column is the average effect size (AES) of these four outcome variables, giving equal weight to each index component
(following Kling et. al (2004) and Clingingsmith et al. (2009)). All regressions include stratum fixed effects. Baseline covariates are: gender, age category, HH size, HH income per capita,
attitutdes towards the government, rental/owner status, covered area, property use, floors, location on main road, and self-reported property worth. Regressions include dummy variables for
missing baseline values. In the analysis, we will use a LASSO procedure to select baseline variables. Standard errors are clustered by neighborhood. * p<0.10, ** p<0.05, *** p<0.01

However, this table masks some variation in treatment effects across intervention arms.
Table 12 shows that the Local Allocation intervention had a significantly positive effect on
taxpayer beliefs that the government helped them (Columns (1) through (3)),
represented them (Columns (4) through (6)), and used tax revenue for them (Columns
(7) through (9)). As shown in the bottom panel, these effects are statistically different
from the effects of Voice and Voice-based Local Allocation. Local allocation has a large,
positive average effect size on attitudes towards the state. It is possible that the Local
Allocation intervention had a larger impact because citizens were not expecting a
particular service. In the Voice-based Local Allocation intervention, some citizens may
have expected a particular service, but received another when their individual
preferences were not aligned with aggregate preferences.

Table 12: Treatment effects on taxpayer perceptions of state by treatment

Govt helps me

Govt represents me

Govt uses tax revenue for me

People like me can affect govt

Average Effect Size

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) (13) (14) (15)
Voice 0.043 0.041 0.046* 0.029 0.028 0.029 -0.013 -0.014 -0.007 -0.001 -0.001 -0.002
(0.027) (0.027) (0.027) (0.023) (0.023) (0.023) (0.026) (0.026) (0.026) (0.026) (0.026) (0.026)
Local Allocation 0.049*  0.043*  0.049%  0.048** 0.043**  0.045%* 0.051**  0.047*  0.051** 0.035 0.033 S
(0.027)  (0.026) (0.025) (0.022) (0.022) (0.021) (0.026) (0.025) (0.025) (0.026) (0.026) (0.025)
Voice-based Local Allocation 0.012 0.007 0.014 0.007 0.004 0.006 0.005 0.002 0.009 0.020 0.018 0.015
(0.023)  (0.023) (0.023) (0.020) (0.020) (0.020) (0.022) (0.022) (0.022) (0.023) (D.023) (0.023)
Voice - AES 0.045 0.041 0.049
(0.056) (0.056) (0.056)
Local Allocation - AES 0.137%** 0.123**  0.129%**
(0.051)  (0.050)  (0.050)
Voice-based Local Allocation - AES 0.033 0.023 0.032
(0.047) (0.046) (0.045)
Baseline 0.009 -0.203* 0.020 0.012 0.023 0.026 -0.016 -0.013
(0.030)  (0.115) (0.032)  (0.037) (0.035)  (0.036) (0.031) (0.031)
Baseline, same respondent 0.005 0.001 0.012 0.013 0.026 0.020 0.038 0.040
(0.039)  (0.039) (0.043)  (0.043) (0.0468)  (0.046) (0.039) (0.039)
BDemand = ADelivery 0.845 0.945 0.920 0.443 0.521 0.499 0.023 0.029 0.035 0.203 0.254
/ wd = 8DD 0.243 0.200 0.233 0.311 0.270 0.209 0.488 0.517 0.509 0.416 0.511
Bpetivery = ADD 0.151 0.151 0.161 0.056 0.058 0.059 0.061 0.069 0.077 0.568 0.558
Baseline covariates X X X X X
I 3469 369 3469 56 356 3456 454 3454 3454 3460 3460 1460 47T 3477 3TT
Mean of control group 0.327 0.327 0.327 0.335 0.335 0.335 0.448 0.448 0.448 0.511 0.511 0.511

in the column:

rovide goods and

reement with the stater
rmments use tax revenue to
s reflecting stronger agreement with the statement.

The unit of observation is a property. Each outcome variable measures the respondent’:

Notes: OLS r ssions of attitudes towards the state on treatment
Governments in Pakistan have done things that have helped me in the last year, Governments in Pakistan represent the interests of people like m
services for people like me, and People like me can affect what the government does. Each outcome is measured on a 5-point Likert scale with higher val
The highlighted column is the average effect size (AES) of these four outcome variables, giving equal weight to each index component (following Kling et. al (2004) and Clingingsmith et al. (2009)). All

wge category, HH size, HH income per capita, attitutdes towards the government, rental/owner status, covered area, property use,
include dummy variables for missing baseline values. In the analysis, we will use a LASSO procedure to select baseline variables.

regressions include stratum fixed effects. Baseline covariates are: gender, "
fioors, location on main road, and self-reported property worth. R

Standard errors are clustered by neighborhood. * p<0.10, ** p<0.05, *** p<0.01

ssions
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Treatment effect on tax morale and the tax-service link
We now turn to treatment effects on tax morale, and taxpayer perceptions of the link
between taxes and services. Results are reported in Table 13.

Table 13: Treatment effect on tax morale and the tax-service link

We consider taxpayer beliefs that paying taxes is important a primary outcome for all
interventions; taxpayer beliefs that services are linked to taxes a primary outcome for
Local Allocation and Voice-based Local Allocation interventions; taxpayer beliefs of the
percent of tax revenue spent on preferred services a primary outcome for Voice and
Voice-based Local Allocation neighbourhoods; and finally taxpayer beliefs of the percent
of tax revenue spent on local services a primary outcome for Local Allocation and Voice-
based Local Allocation neighbourhoods.

We find no significant treatment effects on taxpayer beliefs that paying taxes is important
or taxpayer beliefs that services are linked to taxes for any of the interventions.

Similarly, we find no significant effect on taxpayer beliefs of the percentage of revenue
spent on services, preferred services, or local services.

When asked what about constraints to public goods improvement, taxpayers in Voice
neighbourhoods are significantly less likely to cite resources or better service providers
compared to taxpayers in Local Allocation and Voice-based Local Allocation
neighbourhoods (Columns (16) through (18) and Columns (22) through (24)). In contrast,
there is no significant difference in whether taxpayers believe services would improve if
the government cared more about citizens (Columns (19) through (21)). This may be
because the Voice intervention led taxpayers to believe services would improve only if
the preferences they provided were acted upon, while the Local Allocation and Voice-
based Local Allocation interventions also emphasized the link between resources and
services.

Treatment effect on self-reported voting behaviour

We next examine treatment effects on self-reported voting behaviour.' Table 14 shows
there are no treatment effects on voter registration or voter turnout. The control means
for self-reported registration and turnout are high at 93% and 80%, respectively,
suggesting there may be limited scope for changing vote behaviour on these margins.

% We plan to collect administrative polling-station level data to supplement this analysis.
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Table 14: Treatment effect on self-reported voting behaviour

Likelihood of voting in

Registered to vote Turnout Vote incumbent (MNA) Vote incumbent (MPA) future local elections
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) (13) (14) (15)
Panel A: Any treatment
Treatment -0.001  -0.001  -0.002  -0.001  -0.003  -0.003 -0.019 -0.022 -0.022 0.023 0.021 0.017  -0.006  -0.003  -0.003
(0.010)  (0.010) (0.010)  (0.016)  (0.016) (0.015)  (0.020)  (0.020)  (0.020)  (0.023) (0.023) (0.023) (0.015) (0.015)  (0.015)
Baseline 0.000 0.000 0.036 0.017 0.000 0.000 0.000 0.000 0.000 0.000
(0.027)  (0.028)
Baseline, same respondent 0.000 0.000 0.066 0.071 0.000 0.000 0.000 0.000 0.000 0.000
) ) (0.046)  (0.045) ) ©) ) ) © ©
Panel B: Treatment arms
Voice 0.013 0.013 0.012 0.008 0.007 0.009 -0.008 -0.009 -0.008 0.031 0.030 0.027 0.002 0.003 0.004
(0.013)  (0.013) (0.013)  (0.021)  (0.021) (0.021)  (0.027)  (0.027)  (0.027)  (0.028) (0.028) (0.028) (0.018) (0.018)  (0.018)
Local Allocation -0.022  -0.021  -0.022  -0.007  -0.009  -0.009  -0.055**  -0.058**  -0.059**  0.001  -0.000  -0.004  -0.011  -0.006  -0.007
(0.015)  (0.015)  (0.015)  (0.021)  (0.021) (0.021)  (0.026)  (0.026)  (0.025)  (0.029) (0.029) (0.028) (0.020) (0.020)  (0.020)
Voice-based Local Allocation  0.003 0.003 0.002  -0.003  -0.006  -0.007 -0.006 -0.009 -0.008 0.030 0.028 0.023  -0.008 -0.004  -0.004
(0.012)  (0.012) (0.012) (0.018) (0.018) (0.018)  (0.023)  (0.023)  (0.023)  (0.026) (0.026) (0.026) (0.018) (0.018)  (0.017)
Baseline 0.000 0.000 0.036 0.017 0.000 0.000 0.000 0.000 0.000 0.000
©) ) (0.027)  (0.028) ©) ©) (@) ) © ©
Baseline, same respondent 0.000 0.000 0.066 0.071 0.000 0.000 0.000 0.000 0.000 0.000

(0.046)  (0.045)

BDelivery 0.033 0.034 0.034 0.517 0.481 0.449 0.100 0.093 0.070 0.314 0.304 0.290 0.534 0.623 0.585
Bpp 0.459 0.467 0.438 0.597 0.552 0.456 0.942 0.988 0.983 0.946 0.913 0.877 0.581 0.650 0.623
Bpp 0.107 0.107 0.112 0.860 0.862 0.935 0.045 0.046 0.034 0.284 0.292 0.296 0.886 0.921 0.900

Baseline covariates X X X X X
N 3468 3468 3468 3464 3464 3464 2937 2937 2937 2946 2946 2946 3469 3469 3469
Mean of control group 0.931 0.931 0.931 0.804 0.804 0.804 0.278 0.278 0.278 0.290 0.290 0.290 0.855 0.855 0.855

Notes: OLS regressions of tax morale and the tax-service link on treatment. The unit of observation is a property. Registered to vote and turnout are indicator variables equal to 1 if the
respondent reports registering for and voting in the 2018 general elections. Vote incumbent MNA and Vote incumbent MPA are indicator variables equal to 1 if the respondent reports voting
for the incumbent National Assembly Member and Provincial Assembly Member in the 2018 general elections. Likelihood of voting in future local elections measures the respondent’s likelihood
of voting in a new local government election on a 3-point Likert scale with higher values indicating a greater likelihood. All regressions include stratum fixed effects. Regressions for vote
choice (vote incumbent MNA, vote incumbent MPA) include constituency fixed effects. Baseline covariates are: gender, age category, HH size, HH income per capita, attitutdes towards the
government, rental/owner status, covered area, property use, floors, location on main road, and self-reported property worth. Regressions include dummy variables for missing baseline values.
In the analysis, we will use a LASSO procedure to select baseline variables. Standard errors are clustered by neighborhood. * p<0.10, ** p<0.05, *** p<0.01

While we find no overall treatment effect on vote shares for the incumbent National
Assembly member (MNA) and Provincial Assembly member (MPA), we find the Local
Allocation treatment has large and negative effect on incumbent MNA vote share. The
effect is large in magnitude: taxpayers in Local Allocation intervention were 21% less
likely to vote for the MNA incumbent compared to taxpayers in control neighbourhoods.

It is difficult to interpret the Local Allocation treatment effect on MNA incumbent vote
share, especially given that we find no corresponding effect on MPA incumbent vote
share. One possibility is that the Local Allocation intervention caused voters to believe
the local government and Union Councils are more important for service quality than
national assembly members. But it is not clear why this effect holds only in Local
Allocation neighbourhoods, and not in the Voice-based Local Allocation neighbourhoods,
which not only delivered services but delivered services according to taxpayer
preferences. If local elections are held in late 2019 as expected, we hope to examine
treatment effects on political preferences after ensuring the second round of service
delivery is salient.

Local Leaders

We conclude by discussing the impact of local leaders in cross-randomized
neighbourhoods. qualitative evidence from the field suggests local leaders expressed
enthusiasm about the interventions being implemented in their constituencies; and many
closely monitored and facilitated service delivery in Local Allocation and Voice-based
Local Allocation neighbourhoods. We plan to estimate these effects formally by
examining the effect of local leaders on service quality, quantity, and location.

The qualitative evidence suggests two factors affected a local leader’s decision to
monitor and facilitate service delivery: (1) geographic overlap of treated neighbourhoods
with the local leader’s constituency; and (2) the type and quantity of service(s) to be
delivered. The greater the overlap between these neighbourhoods and the constituency,
the greater the likelihood of involvement. On the flip side, we observed that politicians
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who had just one neighbourhood within their constituency slated for service delivery did
not believe there to be any substantial reward for engagement in service provision and
hence did not take part in active decision-making as services were delivered. Local
leaders also tended to prefer highly visible services such as new streetlights rather than
less visible services such as trash removal. Visible services reduced the costs of
publicizing and made it easier for the politician to take political credit.

4.2.3 Heterogeneity of impacts

We examine heterogeneous treatment effects by respondent gender and age.?° These
results suggest that there may be some modest variation in who knows about the
scheme and who observes government action in their neighbourhood. We find, for
example, that women in Voice neighbourhoods are less likely to believe the government
took any action to improve goods and services. We also find that older respondents
(>65) assigned to Voice-based Local Allocation are more likely to report the local
government took action to improve goods and services. This variation suggests that
some respondents responded more strongly to the scheme, either because they were
more likely to engage with the government actors who informed them about and
implemented the scheme (e.g. E&T, local government, and Union Councils) or because
they were more cognizant of changes (or in the case of Voice neighbourhoods, the
absence of changes) in service quality in their neighbourhoods. We plan on exploring
this further in future work.

5. Cost analysis

In the tables below, we provide a breakdown of costs associated with implementing one
full round of interventions — specifically, one round of service delivery and one round of

preference elicitation. These include implementation costs incurred by both government
and our project team. It does not include any costs related to the evaluation or research
side of the project.

Given that our data analysis is ongoing, we are not able to provide a comprehensive
cost-effectiveness analysis using impact estimates at this stage. In the meantime, we
provide the cost per unit (at the property level) to implement the intervention for each of
the three treatments, Voice, Voice-based Local Allocation, and Local Allocation. As these
calculations do not account for any potential recuperated costs from an increase in tax
revenue, we would therefore anticipate these underestimate the true cost-effectiveness
of each intervention, if we see a positive impact on tax revenue in our future analysis.

20 We also intend to examine heterogeneous treatment effects by the following property and
respondent characteristics, as specified in our pre-analysis plan: renter/owner (for the sample of
residential properties); residential/commercial (for the sample of owner

respondents); respondent trust in state at baseline; neighbourhood service quality at baseline
(measured by an index formed using objective measures from a neighbourhood public goods
survey and subjective measures from baseline); and respondent tax-paying habits at baseline
(e.g. partial payer, late payer, etc.).
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Table 15: Voice Cost Analysis
20,640 properties

100 neighbourhoods across 64 tax circles

Preference Elicitation

Budgetary Total
(applicable to FY
2019-20), in PKR

Itemized and Unit Cost

Training tax collectors

32,000

64 people x 1 day per training x
PKR 500 per person per day

Smartphones for tax 819,200 64 phones x PKR 12,800 per

collectors phone

Data connection 12,300 100GB per month x 3 months x
PKR 4100

SurveyCTO 422,400 (35,200 per month x 12 months)

Surveying cost 3,096,000 20,640 properties x 150 per
survey per property

Publicity

Flyers 495,360 20,640 flyers x 3 rounds of flyer
distribution x PKR 8 per flyer

Posters for advertising 412,800 20,640 flyers x PKR 20 per

services poster

Mass text messaging 82,560 20,640 recipients x 5 rounds of
texts x PKR 0.8 per text

Oversight/implementation

Government officers 576,667 Estimate of salary equivalent to
effort of 3 full-time government
personnel for length of
intervention

Field team 1,440,000 4 persons x 12 months x PKR
30,000 per person per month

Smartphones for field team 51,200 4 phones x PKR 12,800 per
phone

Monitoring/implementation 480,000 33% of 1 person x 12 months x

associate PKR 120,000 per month

Total (in PKR) 7,920,487

Total (in USD) $51,100 1 USD = 155 PKR

Cost per property (in USD) | $2.48 51,100 / 20,640
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Table 16: Voice-based Local Allocation Cost Analysis

31,136 properties

150 neighbourhoods across 76 tax circles

Service Delivery 138,000,000 | 35% of property tax revenue of
neighbourhood x 150 neighbourhoods

Preference Elicitation

Training tax collectors 38,000 76 people x 1 day per training x PKR
500 per person per day

Smartphones 972,800 76 phones x PKR 12,800 per phone

Data connection 12,300 100GB per month x 3 months x PKR
4100

SurveyCTO 422,400 (35,200 per month x 12 months)

Surveying cost 4,670,400 31,136 properties x 150 per survey per
property

Publicity

Flyers 747,264 31,136 flyers x 3 rounds of flyer
distribution x PKR 8 per flyer

Posters for advertising 622,720 31,136 flyers x PKR 20 per poster

services

Mass text message 124,544 31,136 recipients x 5 rounds of texts x
PKR 0.8 per text

Oversight/implementation

Government officers 576,667 Estimate of salary equivalent to effort
of 3 full-time government personnel for
length of intervention

Field team 1,800,000 5 persons x 12 months x PKR 30,000
per person per month

Smartphones for field team 64,000 5 phones x PKR 12,800 per phone

Monitoring/implementation 480,000 33% of 1 person x 12 months x PKR

associate 120,000 per month

Total (in PKR) 148,531,095

Total (in USD) $958,265 1 USD = 155 PKR

Cost per property (in USD) | $30.78 958,265/31,136
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Table 17: Local Allocation Cost Analysis

11,130 properties

100 neighbourhoods across 61 tax circles

Service Delivery 92,000,000 | 35% of property tax revenue of
neighbourhood x 100 neighbourhoods

Publicity

Flyers 267,120 11,130 flyers x 3 rounds of flyer
distribution x PKR 8 per flyer

Posters for advertising 222,600 11,130 flyers x PKR 20 per poster

services

Mass text message 44,520 11,130 recipients x 5 rounds of texts x
PKR 0.8 per text

Oversight/implementation

Government officers 576,667 Estimate of salary equivalent to effort of
3 full-time government personnel for
length of intervention

Field team 1,800,000 | 5 persons x 12 months x PKR 30,000
per person per month

Smartphones for field team 64,000 5 phones x PKR 12,800 per phone

Monitoring/implementation 480,000 33% of 1 person x 12 months x PKR

associate 120,000 per month

Total (in PKR) 95,454,907

Total (in USD) $615,838 1 USD = 155 PKR

Cost per property (in USD) | $55.33 615,838/11,130

6. Discussion

6.1 Introduction

The social compact between citizen and state — whereby citizens pay taxes in return for
services that meet their needs — is critical to the development process. The weak link
between taxes and services observed in many developing countries can lead to low tax
revenue, poor service provision, and citizen distrust in the state — ultimately challenging
the legitimacy of the state itself.

The interventions in this study test whether strengthening the link between taxes and
services by eliciting citizen preferences for services, earmarking revenue for services,
and enabling local politicians can increase citizen’s willingness to pay for services,
improve service delivery, and enhance local politics. The results from our interventions
so far suggest that citizen distrust in the state’s promise to deliver services, and lack of
information about service improvements - even after the state takes action - are key
constraints to breaking the cycle of low tax revenue and poor service delivery. While we
are beginning to see modest positive effects on tax payments in intervention
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neighbourhoods, many taxpayers in our sample are unaware of the services delivered
via the interventions, suggesting these effects may be underestimates.

Our first year results are consistent with existing literature on citizen-state interaction.
Specifically, in an lab-in-field experimental setting, Acemoglu et. al. (2019) show that not
only do citizens display low trust towards the state, they are relatively poorly informed of
improvements carried out by the state. Our results also show that news in fact does not
travel fast or widely and even when the state is improving, citizens may not be aware of
this. Reassuringly, Acemoglu et. al. show, however, that when the citizen is made aware
of the state’s improvement, they are willing to update more positively towards the state
and increase real-stakes giving to the state. This suggests that while our results so far
are not showing substantial increases in (positive) attitudes towards the state of taxes
paid, the problem could be more due to the fact that the state’s provision of goods has
not been made as salient and were one to do so, these other impacts would be better
realized. It is in this regard we are going to complement our continued provision in the
second year with a far greater focus on drawing the citizen’s attention to these
improvements.

6.2 Policy and programme relevance: evidence update and use

This study was designed in collaboration with relevant policy stakeholders by employing
a Smart Policy Design and Implementation paradigm (see
http://epod.cid.harvard.edu/policy-research-engagements) — a problem-driven,
collaborative approach, where policymakers and researchers came together, employing
their collective expertise to design, test and refine solutions to a policy problem posed by
the Government. Key stages in this process were individual discussions with policy
actors culminating in a brainstorming workshop prior to the evaluation that developed an
initial proposal to more structured conversations on design and implementation that
resulted in a formal proposal that was then approved by the Government including the
Chief Minister. We detail the different collaborators throughout the interventions below.

The major policy stakeholder for this project is the Government of Punjab, which has
endorsed this project at all levels. This includes the Chief Minister Punjab who has
formally approved this project and who set up a Steering Committee to oversee the
project implementation.

One of the primary actors in our study is the Punjab E&T Department. The E&T
department, through regular meetings with senior officials, was closely involved in the
design of the intervention, and a key partner in ensuring appropriate approvals were
obtained for the proposed interventions.

Moreover, the E&T department is closely involved in implementing the interventions —
specifically, E&T employees inform taxpayers about the intervention and elicit taxpayer
preferences for services on a smartphone app. To conduct this activity, E&T employees
have been trained on how to use technology to interface with taxpayers — a skill the
department can leverage for its own activities in the future.?!

2! The smartphone app were in fact developed with the E&T employees. Initial version of the app
relied on videos, which sometimes did not run properly in the field. E&T employees offered
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The interventions have also expanded the role of E&T employees from (potentially
extortionary) tax collector to liaison between citizen and state in the social compact. E&T
employees no longer simply collect taxes, but also inform taxpayers about the tax-
service link to encourage voluntary tax compliance. This has generated considerable
excitement in the department. In the status quo, tax collectors frequently complain of
taxpayer apathy or even resistance, and having to make repeated visits to properties to
remind taxpayers to pay. The interventions offer the possibility of reframing a
conventionally transactional engagement into a long-term, sustainable relationship based
on mutual respect and voluntary compliance. In one visit, for example, a tax collector
was invited into the home of a taxpayer (almost unheard of) to show appreciation to the
tax collector for taking the time to collect citizen preferences. The E&T department hopes
to use the interventions to improve tax collection rates, and to strengthen citizen faith in
the government’s ability to deliver services.

The Local Government Department and local municipal authorities are also key actors
closely involved in the implementation of the project. Specifically, it is through local
municipal authorities that urban services promised to taxpayers are delivered. We have
worked closely with service providers to assess service needs in neighbourhoods,
ensure services are delivered, and assess the quality of delivered services.

In the process, we developed a number of smartphone apps in close collaboration with
the Local Government that can be used by the department to monitor services. These
apps streamline the compilation of official documentation needed to deliver services,
which in the status quo is a fairly complicated procedure done on paper. The ability to
record required data in a format that is tailored according to the regulatory regime can
shorten the turnaround time from estimation of services to actual delivery. The apps also
enable regular monitoring of service delivery at the municipality-level through GIS
software, and can help identify identifying problematic locations e.g. areas with under-
provision or installation of subpar equipment. Perhaps most importantly, the apps offer
Local Government an opportunity to ensure that only those services are paid for that
have actually been delivered by comparing actual delivery data against planned
services.

The interventions also empowered the Union Councils by allowing them to take
ownership and credit for improvements in service delivery in their constituencies. Local
politicians in selected Union Councils were provided details about the interventions in
their respective constituencies and trained on how they could support the intervention at
various stages. Most politicians left these trainings with a positive impression of the
project and excited about their roles.

Though the elected representatives of the Union Councils were dismissed from office
midway through the interventions, qualitative evidence from the field indicates that before
they were dismissed, the politicians took an active interest in service delivery, engaging
with service providers in determining the location and quality of services.

suggestions on how to instead convey material using a short set of slides on the app, and
supplement the app with flyers.
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Finally, taxpayers are also key actors, as they stand to benefit from improved urban
services, and the success of the project hinges on their responsiveness to the
intervention. Though one of the key lessons learned in the first year of the intervention is
that additional effort must be taken to inform taxpayers about service delivery, to the
extent that taxpayers are informed about the project, many have expressed their
optimism and support.

The project has also been presented at several global policy forums: these include the
IMF/World Bank Annual Meetings, the Annual Bank Conference on Africa, and several
events and meetings with policymakers, especially tax authorities, in Africa and Asia.
The project was also presented at a workshop on financing Punjab’s cities on 1%
September, 2019 in Lahore with the Finance Minister and Secretaries to all relevant
government departments.

6.3 Challenges and lessons

The results from the first year of interventions suggest that citizens’ lack of credibility and
information may weaken the potential impact of strengthening the link between taxes and
services. Moving forward, we plan to address these issues by engaging much more
intensely with taxpayers in intervention neighbourhoods. In the ongoing round of service
delivery, we plan to reach out aggressively to taxpayers after preferences have been
collected and aggregated and after services have been delivered. In particular, we plan
to send text messages and distribute flyers that will inform taxpayers about service
delivery and offer URL links to pictures and maps that show where services have been
delivered in their neighbourhoods. To ensure that all members of a property are aware of
the scheme, we also plan to reach out to members who engaged with E&T staff and
members who were surveyed in our baseline and endline.

7. Conclusion

This report presents the experimental design and reports first round impacts on tax
payments, tax morale, and attitudes towards the state. Our findings show that the project
was successful in collecting citizen preferences, changing the relationship between tax
collectors and citizens, deploying technology to improve government efficiency through
the preference elicitation via smartphone devices, and delivering actual services in the
designated localities. However, the results also suggest that for such a scheme to be the
most effective, the government must ensure service delivery happens at a faster pace
and accompany delivery with better messaging to increase salience amongst citizens so
they are aware of what is happening and see the clear link between the interactions they
have with the government and the services that they receive. Given these results, we
intend to focus on raising awareness in the ongoing round of service delivery. We
anticipate that if we are indeed able to increase awareness of the interventions, the
interventions will have a larger impact on attitudes towards the state and tax payments
given that we already find small positive effects despite low awareness.
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Online appendixes
Online appendix A1: Local Politician Field Procedures

https://www.3ieimpact.org/sites/default/files/2020-04/DPW1.1005-Online-appendix-A1-
Local-Politician-Treatment-Field-Procedures.pdf

Online appendix A2: Local Politician Sample Field Notes

https://www.3ieimpact.org/sites/default/files/2020-04/DPW1.1005-Online-appendix-A2-
Local-Politician-Treatment-Sample-Field-Notes.pdf

Online appendix A3: Sanitation Services Delivery Verification Sample Field
Notes

https://www.3ieimpact.org/sites/default/files/2020-04/DPW1.1005-Online-appendix-A3-
Sanitation-Services-Delivery-Verification-Sample-Field-Notes. pdf

Online appendix B: Survey Instrument

https://www.3ieimpact.org/sites/default/files/2020-04/DPW1.1005-Online-appendix-B-
Survey-Instrument.pdf

Online appendix C: Pre-analysis Plan

https://www.3ieimpact.org/sites/default/files/2020-04/DPW1.1005-Online-appendix-C-
PreAnalysisPlan.pdf

Online appendix D: Supplemental Figures

https://www.3ieimpact.org/sites/default/files/2020-04/DPW1.1005-Online-appendix-D-
Supplemental-Figures.pdf

Online appendix E: Smartphone app for preference elicitation

https://www.3ieimpact.org/sites/default/files/2020-04/DPW1.1005-Online-appendix-E-
SmartphoneApp.pdf

Online appendix F: Focus Group Discussion Invitation

https://www.3ieimpact.org/sites/default/files/2020-04/DPW1.1005-Online-appendix-F-
FocusGrouplnvitation.pdf
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